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REVIEW

Approaches for establishing the function of
regulatory genetic variants involved in disease
Julian Charles Knight

Abstract
The diversity of regulatory genetic variants and their
mechanisms of action reflect the complexity and
context-specificity of gene regulation. Regulatory
variants are important in human disease and defining
such variants and establishing mechanism is crucial to
the interpretation of disease-association studies. This
review describes approaches for identifying and
functionally characterizing regulatory variants,
illustrated using examples from common diseases.
Insights from recent advances in resolving the
functional epigenomic regulatory landscape in which
variants act are highlighted, showing how this has
enabled functional annotation of variants and the
generation of hypotheses about mechanism of action.
The utility of quantitative trait mapping at the
transcript, protein and metabolite level to define
association of specific genes with particular variants
and further inform disease associations are reviewed.
Establishing mechanism of action is an essential step
in resolving functional regulatory variants, and this
review describes how this is being facilitated by new
methods for analyzing allele-specific expression,
mapping chromatin interactions and advances in
genome editing. Finally, integrative approaches are
discussed together with examples highlighting how
defining the mechanism of action of regulatory
variants and identifying specific modulated genes
can maximize the translational utility of genome-wide
association studies to understand the pathogenesis
of diseases and discover new drug targets or
opportunities to repurpose existing drugs to treat them.
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Introduction
Regulatory genetic variation is important in human disease. The application of genome-wide association studies
(GWAS) to common multifactorial human traits has revealed that most associations arise in non-coding DNA
and implicate regulatory variants that modulate gene expression [1]. Gene expression occurs in a dynamic functional epigenomic landscape in which the majority of
genomic sequence is proposed to have regulatory potential [2]. Inter-individual variation in gene expression has
been found to be heritable and can be mapped as quantitative trait loci (QTLs) [3,4]. Such mapping studies reveal that genetic associations with gene expression are
common, that they often have large effect sizes, and that
regulatory variants act locally and at a distance to modulate a range of regulatory epigenetic processes, often in a
highly context-specific manner [5]. Indeed, the mode of
action of such regulatory variants is very diverse, reflecting the complexity of mechanisms regulating gene expression and their modulation by environmental factors
at the cell, tissue or whole-organism level.
Identifying regulatory variants and establishing their
function is of significant current research interest as we
seek to use GWAS for drug discovery and clinical benefit [6,7]. GWAS have identified pathways and molecules
that were not previously thought to be involved in disease processes and that are potential therapeutic targets
[8,9]. However, for the majority of associations, the identity of the genes involved and their mechanism of action
remain unknown, which limits the utility of GWAS. An
integrated approach is needed, taking advantage of new
genomic tools to understand the chromatin landscape,
interactions and allele-specific events, and reveal detailed molecular mechanisms.
Here I review approaches to understanding regulatory
variation, from the viewpoint of both researchers needing
to identify and establish the function of variants underlying
a particular disease association, and those seeking to define
the extent of regulatory variants and their mechanism of
action at a genome-wide scale. I describe the importance
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of understanding context-specificity in resolving regulatory
variants, including defining the disease-relevant epigenomic landscape in which variants operate, to enable functional annotation. I highlight the utility of eQTL studies for
linking variants with altered expression of genes and the
experimental approaches for establishing function, including descriptions of recent techniques that can help. I provide a strategic view, illustrated by examples from human
disease, that is relevant to variants occurring at any genomic location, whether in classical enhancer elements or
other locations where there is the potential to modulate
gene regulation.

Regulatory variants and gene expression
Regulatory variation most commonly involves singlenucleotide variants (SNVs) but also encompasses a range
of larger structural genomic variants that can affect gene
expression, including copy number variation [10]. Gene
regulation is a dynamic, combinatorial process involving a
variety of elements and mechanisms that may only operate
in particular cell types, at a given stage in development
or in response to environmental factors [11,12]. Various
events that are critical to gene expression are modulated by genetic variation: transcription factor binding
affinity at enhancer or promoter elements; disruption of
chromatin interactions; the action of microRNAs or
chromatin regulators; alternative splicing; and posttranslational modifications [13,14]. Classical epigenetic
marks such as DNA methylation, chromatin state or accessibility can be modulated directly or indirectly by
variants [15-18]. Changes in transcription factor binding related to sequence variants are thought to be a
principal driver of changes in histone modifications, enhancer choice and gene expression [17-19].
Functional variants can occur at both genic and intergenic sites, with consequences that include both up- and
down-regulation of expression, differences in the kinetics
of response or altered specificity. The effect of regulatory
variants depends on the sequences that they modulate
(for example, promoter or enhancer elements, or encoded
regulatory RNAs) and the functional regulatory epigenomic landscape in which they occur. This makes regulatory variants particularly challenging to resolve, as this
landscape is typically dynamic and context specific. Defining which sequences are modulated by variants has
been facilitated by several approaches: analysis of signatures of evolutionary selection and sequence conservation; experimental identification of regulatory elements;
and epigenomic profiling in model organisms, and more
recently in humans, for diverse cell and tissue types and
conditions [15,20].
The understanding of the consequences of genetic variation for gene expression provides a more tractable intermediate molecular phenotype than a whole-organism
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phenotype, where confounding by other factors increases
heterogeneity. This more direct relationship with underlying genetic diversity might account in part for the success of approaches resolving association with transcription
of sequence variants, such as eQTL mapping [3,5].

Regulatory variants, function and human disease
The heritable contribution to common polygenic disease remains challenging to resolve, but GWAS have
now mapped many loci with high statistical confidence.
Over 90% of trait-associated variants are found to be located in non-coding DNA, and they are significantly
enriched in chromatin regulatory features, notably DNase
I hypersensitive sites [21]. Moreover, there is significant
overrepresentation of GWAS variants in eQTL studies,
implicating regulatory variants in a broad spectrum of
common diseases [7].
Several studies have identified functional variants involving enhancer elements and altered transcription factor
binding. These include a GWAS variant associated with
renal cell carcinoma that results in impaired binding and
function of hypoxia inducible factor at a novel enhancer of
CCND1 [22]; a common variant associated with fetal
hemoglobin levels in an erythroid-specific enhancer [23];
and germline variants associated with prostate and colorectal cancer that modulate transcription factor binding at
enhancer elements involving looping and long-range interactions with SOX9 [24] and MYC [25], respectively.
Multiple variants in strong linkage disequilibrium (LD)
identified by GWAS can exert functional effects through
various different enhancers, resulting in cooperative effects
on gene expression [26].
Functional variants in promoters have also been identified that are associated with disease. These include the extreme situation in which a gain-of-function regulatory
SNV created a new promoter-like element that recruits
GATA1 and interferes with expression of downstream αglobin-like genes, resulting in α-thalassemia [27]. Other
examples include a Crohn’s-disease-associated variant in
the 3’ untranslated region of IRGM that alters binding by
the microRNA mir-196, enhancing mRNA transcript stability and altering the efficacy of autophagy, thus affecting
the anti-bacterial activity of intestinal epithelial cells [28].
Some SNVs show significant association with differences
in alternative splicing [29], which may be important for
disease, as illustrated by a variant of TNFRSF1A associated
with multiple sclerosis, which encodes a novel form of
TNFR1 that can block tumor necrosis factor [30]. Diseaseassociated SNVs can also modulate DNA methylation
resulting in gene silencing, as illustrated by a variant in a
CpG island associated with increased methylation of the
HNF1B promoter [31].
To identify functional variants, fine mapping of GWAS
signals is vital. This can be achieved by using large sample
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sizes, incorporating imputation or sequence-level information, and involving diverse populations to maximize statistical confidence and resolve LD structure. Interrogation of
available functional genomic datasets to enable functional
annotation of identified variants and association with
genes based on eQTL mapping is an important early step
in prioritization and hypothesis generation. However, such
analysis must take note of what is known of the pathophysiology of the disease, because the most appropriate
cell or tissue type needs to be considered given the
context-specificity of gene regulation and functional variants. Two case studies (Box 1) illustrate many of the different approaches that can be used to investigate the role
of regulatory variants in loci identified by GWAS. These
provide context for a more detailed discussion of techniques and approaches in the remainder of this review.

Mapping regulatory variation
This section describes approaches and tools for functional annotation of variants, considering in particular
the usefulness of resolving the context-specific regulatory epigenomic landscape and of mapping gene expression as a quantitative trait of transcription, protein or
metabolites.
Functional annotation and the regulatory epigenomic
landscape

High-resolution epigenomic profiling at genome-wide
scale using high-throughput sequencing (HTS) has enabled annotation of the regulatory landscape in which
genetic variants are found and may act. This includes
mapping regulatory features based on:
 chromatin accessibility using DNase I hypersensitivity

(DNase-seq) mapping [32,33] and post-translational
histone modifications by chromatin immunoprecipitation
combined with HTS (ChIP-seq) [34] that indicate the
location of regulatory elements such as enhancers;
 chromatin conformation capture (3C), which can be
scaled using HTS to enable mapping of genome-wide
interactions for all loci (Hi-C) [35] or for selected
target regions (Capture-C) [36];
 targeted arrays or genome-wide HTS to define
differential DNA methylation [15]; the non-coding
transcriptome using RNA-seq to resolve short and
long non-coding RNAs with diverse roles in gene
regulation [37] that may be modulated by underlying
genetic variation with consequences for common
disease [38].
The ENCyclopedia Of DNA Elements (ENCODE) Project [2] has generated epigenomic maps for diverse human
cell and tissue types, including chromatin state, transcriptional regulator binding and RNA transcripts, that have
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helped to identify and interpret functional DNA elements
[20] and regulatory variants [1,39]. Enhancers, promoters,
silencers, insulators and other regulatory elements can be
context specific; this means that generating datasets for
particular cellular states and conditions of activation of
pathophysiological relevance will be necessary if we are to
use such data to inform our understanding of disease.
There is also a need to increase the amount of data generated from primary cells given the caveats inherent to immortalized or cancer cell lines. For example, although
studies in lymphoblastoid cell lines (LCLs) have been
highly informative [40], their immortalization using the
Epstein-Barr virus may alter epigenetic regulation or
specific human genes, notably DNA methylation, and observed levels of gene expression, affecting the interpretation of the effects of variants [41,42]. As part of ongoing
efforts to expand the diversity of primary cell types and
tissues for which epigenomic maps are available, the International Human Epigenome Consortium, which includes
the NIH Roadmap Epigenetics Project [43] and BLUEPRINT [44], seeks to establish 1,000 reference epigenomes
for diverse human cell types.
The FANTOM5 project (for ‘functional annotation of
the mammalian genome 5’) has recently published work
complementing and extending ENCODE by using cap analysis of gene expression (CAGE) and single-molecule sequencing to define comprehensive atlases of transcripts,
transcription factors, promoters, enhancers and transcriptional regulatory networks [45,46]. This includes highresolution context-specific maps of transcriptional start
sites and their usage for 432 different primary cell types,
135 tissues and 241 cell lines, enabling promoter-level
characterization of gene expression [46]. The enhancer
atlas generated by FANTOM5 defines a map of active enhancers that are transcribed in vivo in diverse cell types
and tissues [45]. It builds on the recognition that enhancers
can initiate RNA polymerase II transcription to produce
eRNAs (short, unspliced, nuclear non-polyadenylated noncoding RNAs) and act to regulate context-specific expression of protein-coding genes [45]. Enhancers defined by
FANTOM5 were enriched for GWAS variants; the context
specificity is exemplified by the fact that GWAS variants
for Graves’ disease were enriched predominantly in enhancers expressed in thyroid tissue [45].
Publicly accessible data available through genome
browsers significantly enhances the utility to investigators of ENCODE, FANTOM5 and other datasets that
allow functional annotation and interpretation of regulatory variants, while tools integrating datasets in a searchable format further enable hypothesis generation and
identification of putative regulatory variants (Table 1)
[39,47,48]. The UCSC Genome Browser, for example, includes a Variant Annotation Integrator [49], and the
Ensembl genome browser includes the Ensembl Variant
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Box 1. Case studies in defining regulatory variants
SORT1, LDL cholesterol and myocardial infarction
A pioneering study by Musunuru and colleagues published in 2010 [100] demonstrated how the results of a GWAS for a human disease
and linked biochemical trait could be taken forward to establish mechanism and function involving regulatory variants using a
combination of approaches. Myocardial infarction and plasma levels of low-density lipoprotein cholesterol (LDL-C) are strongly
associated with variants at chromosome 1p13 [101]. The authors [100] fine mapped the association and defined haplotypes and LD
structure through analysis of populations of African ancestry. A combination of systematic reporter gene analysis in a
pathophysiologically relevant human hepatoma cell line using human bacterial artificial chromosomes spanning the 6.1 kb region
containing the peak LD SNPs together with eQTL
analysis established that a SNV, rs12740374, was associated with allele-specific differences in expression. eQTL analysis showed
association with three genes, most notably with SORT1 (higher expression was associated with minor allele at the transcript
and protein level), and the effects were seen in liver but not subcutaneous and omental intestinal fat. The minor allele created a
predicted binding site for C/EBP transcription factors, and allele-specific differences were seen using electrophoretic mobility shift assays
and ChIP. Manipulating levels of C/EBP resulted in loss or gain of allelic effects on reporter gene expression and, in cells of different
genotypic background, effects could be seen on SORT1 expression; human embryonic stem cells were used to show that this was
specific to hepatocyte differentiation. Small interfering (siRNA) knockdown and viral overexpression studies of hepatic Sort1 in
humanized mice with different genetic backgrounds demonstrated a function for Sort1 in altering LDL-C and very-low-density
lipoprotein (VLDL) levels by modulating hepatic VLDL
secretion. A genomic approach thus identified SORT1 as a
novel lipid-regulating gene and the sortilin pathway as a target for potential therapeutic intervention [100].
FTO, RFX5 and obesity: effects at a distance
Regulatory variants may modulate expression of the most proximal gene, but they can have effects at a significant distance (for
example, by DNA looping or modulation of a gene network) making resolution of the functional basis of GWAS signals of association
difficult [55]. Recent work on obesity-associated variants in the dioxygenase FTO [102] highlights this and illustrates further approaches
that can be used to investigate GWAS signals and the functional significance of regulatory variants. A region spanning introns 1 and 2 of
the FTO gene shows highly significant association with obesity by GWAS [103-105]. Following this discovery, FTO was found to encode
an enzyme involved in control of body weight and metabolism based on evidence from FTO-deficient mice [106] and from a study of
mouse overexpression phenotypes in which additional copies of the gene led to increased food intake and obesity [107]. There was not,
however, evidence linking the GWAS variants or associated region with altered FTO expression or function. Smemo and colleagues [102]
considered the wider regulatory landscape of FTO and mapped the regulatory interactions between genomic loci using 3C. Strikingly,
their initial studies in mouse embryos revealed that the intronic GWAS locus showed physical interactions not only with the Fto
promoter but also with the Irx3 gene (encoding a homeodomain transcription factor gene expressed in the brain) over 500 kb away.
The interaction with Irx3 was confirmed in adult mouse brains and also human cell lines and zebrafish embryos. Data from the ENCODE
project showed that the intronic FTO GWAS region is conserved, and its chromatin landscape suggested multiple regulatory features
based on chromatin marks, accessibility and transcription factor binding. Smemo et al. [102] then established that the sequences have
enhancer activity in relevant mouse tissues, showing that expression of Irx3 depends on long-range elements. Strikingly, the GWAS variants
associated with obesity showed association with levels of expression of IRX3 but not of FTO in human brain samples. Moreover, Irx3 knockout
mice showed up to 30% reduction in body weight through loss of fat mass and increased basal metabolic rate, revealing a previously
unrecognized role for IRX3 in regulating body weight. The multifaceted approach adopted by Smemo and colleagues [102] illustrates several
of the approaches that can be used to define regulatory variants and the benefits of using data generated from humans and model
organisms. However, the question of what the causal functional variants are and the molecular/physiological mechanisms involving IRX3 and
FTO remain the subject for further work.

Effect Predictor [50]. The searchable RegulomeDB database enables annotations for particular variants to be
accessed. RegulomeDB combines data from ENCODE
and other datasets, including manually curated genomic

regions for which there is experimental evidence of functionality; chromatin state data; ChIP-seq data for regulatory factors; eQTL data; and computational prediction of
transcription factor binding and motif disruption by
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Table 1 Examples of online data resources and tools for analysis of putative regulatory variants
Name

Description

URL

ENCODE

Encyclopedia of DNA Elements Project

https://www.encodeproject.org

FANTOM

Functional Annotation of the Mammalian
Genome project

http://fantom.gsc.riken.jp/5/

International Human Epigenome
Consortium

International Human Epigenome Consortium
Data Portal

http://ihec-epigenomes.org/outcomes/ihec-data-portal/

Roadmap Epigenomics Project

NIH Roadmap Epigenomics Mapping Consortium,
including links to data

http://www.roadmapepigenomics.org

BLUEPRINT

European hematopoietic epigenome project

http://www.blueprint-epigenome.eu

Variant Annotation Integrator (UCSC) Tool for predicting functional effects of variants
on transcripts

http://www.noncode.org/cgi-bin/hgVai

Variant Effect Predictor (Ensembl)

Integrated tool resolving effects of variant on
regulatory regions, genes, transcripts and protein

http://www.ensembl.org/info/docs/tools/vep/index.html

RegulomeDB

Tool for functional annotation of SNVs including
http://regulomedb.org
known and predicted regulatory elements and eQTLs

SNPnexus

Integrated functional annotation of SNVs

http://snp-nexus.org/about.html

JASPAR

Transcription factor binding profile database

http://jaspar.genereg.net

PROMO

Transcription factor binding site analysis

http://alggen.lsi.upc.es/cgi-bin/promo_v3/promo/
promoinit.cgi?dirDB=TF_8.3

MAPPER2

Identification of transcription factor binding sites
in multiple genomes

http://genome.ufl.edu/mapper/

HaploReg

Functional annotation of variants on haplotype
blocks such as at GWAS loci

http://www.broadinstitute.org/mammals/haploreg/
haploreg.php

GWAS3D

Integrated annotation of variants including
chromatin interactions

http://jjwanglab.org/gwas3d

ORegAnno

Regulatory annotation database

http://www.oreganno.org/oregano/

ConSite

Transcription factor binding site detection using
phylogenetic footprinting

http://consite.genereg.net

HGMD

Human Gene Mutation Database, including
regulatory mutations

http://www.hgmd.org

Genevar

eQTL database integration, search and visualization

http://www.sanger.ac.uk/resources/software/genevar/

eQTL Browser

NCBI hosted browser to interrogate eQTL datasets

http://www.ncbi.nlm.nih.gov/projects/gap/eqtl/index.cgi

OMICStools

Links to a large number of multi-omics tools

http://omictools.com

eQTL, expression quantitative trait locus; GWAS, genome-wide association study; SNV, single-nucleotide variant.

variants [39]. Kircher and colleagues [47] recently published a Combined Annotation-Dependent Depletion
method involving 63 types of genomic annotation to establish genome-wide likelihoods of deleteriousness for
SNVs and small insertion-deletions (indels), which helps
to prioritize functional variants.
Determining which variants are located in regulatory
regions is further helped by analysis of conservation of
DNA sequences across species (phylogenetic conservation) to define functional elements. Lunter and colleagues [51] recently reported that 8.2% of the human
genome is subject to negative selection and is likely to
be functional. Claussnitzer and colleagues [52] studied
conservation of transcription factor binding sites in cisregulatory modules. They found that the regulation involving such sequences was combinatorial and depended
on complex patterns of co-occurring binding sites [52].

Application of their ‘phylogenic module complexity analysis’ approach to type 2 diabetes GWAS loci revealed a
functional variant in the PPARG gene locus that altered
binding of the homeodomain transcription factor PRRX1.
This was experimentally validated using allele-specific approaches and effects on lipid metabolism and glucose
homeostasis were demonstrated.
Insights from transcriptome, proteome, and metabolome
QTLs

Mapping gene expression as a quantitative trait is a powerful way to define the regions and markers associated with
differential expression between individuals [53]. Application in human populations has enabled insights into the
genomic landscape of regulatory variants, generating maps
that are useful for GWAS, sequencing studies and other
settings where the function of genetic variants is sought
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[5,7,54]. Local variants are likely to be cis-acting and those
at a distance are likely to be trans-acting. Resolution of
trans-eQTLs is challenging, requiring large sample sizes
owing to the number of comparisons performed, because
all genotyped variants in the genome can be considered for
association. However, this resolution is important given
how informative eQTLs can be for defining networks,
pathways and disease mechanism [55]. When combined
with cis-eQTL mapping, trans-eQTL analysis allows discovery of previously unappreciated relationships between
genes, as a variant showing local cis association with
expression of a gene might also be found to show trans
association with one or more other genes (Figure 1). For
example, in the case of a cis-eQTL involving a transcription factor gene, these trans-associated genes might be
regulated by that transcription factor (Figure 1c). This can
be very informative when investigating loci found in
GWAS; for example, a cis-eQTL for the transcription factor KLF14 that is also associated with type 2 diabetes and
high-density lipoprotein cholesterol was found to act as a
master trans regulator of adipose gene expression [56].
Trans-eQTL analysis is also a complementary method to
ChIP-seq for defining transcription factor target genes [57].
For other cis-eQTLs, the trans-associated genes might be
part of a signaling cascade (Figure 1d), which might be well
annotated (for example a cis-eQTL involving IFNB1 is associated in trans with a downstream cytokine network) or
provide new biological insights [57].
eQTLs are typically context specific, dependent for
example on cell type [58-60] and state of cellular activation [57,61,62]. Careful consideration of relevant cell
types and conditions is therefore needed when investigating regulatory variants for particular disease states.
For example, eQTL analysis of the innate immune
response transcriptome in monocytes defined associations involving canonical signaling pathways, key components of the inflammasome, downstream cytokines
and receptors [57]. In many cases these were diseaseassociated variants and were identified only in induced
monocytes, generating hypotheses for the mechanism
of action of reported GWAS variants. Such variants
would not have been resolved if only resting cells had
been analyzed [57]. Other factors can also be significant
modulators of observed eQTLs, including age, gender,
population, geography and infection status, and they
can provide important insights into gene-environment
interactions [62-66].
The majority of published eQTL studies have quantified
gene expression using microarrays. Application of RNAseq enables high-resolution eQTL mapping, including association with abundance of alternatively spliced transcripts and quantification of allele-specific expression
[40,67]. The latter provides a complementary mapping approach to define regulatory variants.
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In theory, eQTLs defined at the transcript level might
not be reflected at the protein level. However, recent
work by Kruglyak and colleagues [68] in large, highly
variable yeast populations using green fluorescent protein tags to quantify single-cell protein abundance has
shown good correspondence between QTLs influencing
mRNA and protein abundance; genomic hotspots were
associated with variation in abundance of multiple proteins and modulating networks.
Mapping protein abundance as a quantitative trait (pQTL
mapping) is important in ongoing efforts to understand
regulatory variants and the functional follow-up of GWAS.
However, a major limitation has been availability of appropriate high-throughput methods for quantification. A
highly multiplexed proteomic platform involving modified
aptamers was used to map cis-regulated protein expression in plasma [69], and micro-western and reverse-phase
protein arrays enabled 414 proteins to be assayed simultaneously in LCLs, resolving a pQTL involved in the response to chemotherapeutic agents [70]. The application
of state-of-the-art mass spectrometry-based proteomic
methods is enabling quantification of protein abundance
for pQTL mapping. There are still limitations, however, in
the extent, sensitivity and dynamic range that can be
assayed, the availability of analysis tools, and challenges inherent in studying the highly complex and diverse human
proteome [71].
There are multiple ways in which genetic variation can
modulate the nature, abundance and function of proteins,
including effects of non-coding variants on transcription,
regulation of translation and RNA editing, and alternative
splicing. In coding sequences, non-synonymous variants
can also affect regulation of splicing and transcript stability. An estimated 15% of codons have been proposed by
Stergachis and colleagues [72] to specify both amino acids
and transcription factor binding sites; they found evidence
that the latter resulted in codon constraint through evolutionary selective pressure, and that coding SNVs directly
affected the resultant transcription factor binding. It remains unclear to what extent sequence variants modulate
functionally critical post-translational modifications, such
as phosphorylation, glycosylation and sulfation.
The role of genetic variation in modulating human
blood metabolites was highlighted by a recent large
study by Shin and colleagues [73] of 7,824 individuals, in
which 529 metabolites in plasma or serum were quantified using liquid-phase chromatography, gas chromatography and tandem mass spectrometry. This identified
genome-wide associations at 145 loci. For specific genes,
there was evidence of a spectrum of genetic variants
ranging from very rare loss-of-function alleles leading to
metabolic disorders to common variants associated with
molecular intermediate traits and disease. Availability of
eQTL data through gene expression profiling at the
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Figure 1 Examples of local and distant effects of regulatory variants. (a) A local cis-acting variant (red star, top) in a regulatory element
(red line) affects allele-specific transcription factor binding affinity and is associated with differential expression of gene A (as shown by the chart,
bottom), with possession of a copy of the A allele associated with higher expression than the G allele (hence AA homozygotes having higher
expression than AG heterozygotes, with lowest expression in GG homozygotes). (b) The same variant can modulate expression of gene D at
a distance through DNA looping that brings the regulatory enhancer element close to the promoter of gene D (gray line) on the same
chromosome. (c) An example of a local cis-acting variant modulating expression of a transcription factor encoding gene, Gene E, differential
expression of which modulates a set of target genes. Expression of these target genes is found to be associated in trans with the variant
upstream of gene E. (d) A local cis-acting variant on chromosome 12 modulates expression of a cytokine gene and is also associated in trans
with a set of genes whose expression is regulated through a signaling cascade determined by that cytokine. Such trans associations can be
shown on a circos plot (chromosomes labeled 1-22 with arrows pointing to location of gene on a given chromosome).
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same time as metabolomic measurements enabled a
Mendelian randomization analysis (a method for assessing causal associations in observational data that are
based on the random assortment of genes from parents
to offspring [74]) to search for a causal relationship between differential expression of a gene and metabolite
levels using genetic variation as an instrumental variable.
There were limitations due to study power but a causal
role for some eQTLs in metabolic trait associations was
defined, including for the acyl-CoA thioesterase THEM4
and the cytochrome P450 CYP3A5 genes [73].
Finally, analysis of epigenetic phenotypes as quantitative
traits has proved very informative. Degner and colleagues
[16] analyzed DNase-I hypersensitivity as a quantitative
trait (dsQTLs) in LCLs. Many of the observed dsQTLs
were found to overlap with known functional regions,
show allele-specific transcription factor binding and also
show evidence of being eQTLs. Methylation QTL
(meQTL) studies have also been published for a variety of
cell and tissue types that provide further insight in regulatory functions of genomic variants [75-77]. A meQTL
study in LCLs revealed significant overlap with other epigenetic marks, including histone modifications and
DNase-I hypersensitivity, and also with up- and downregulation of gene expression [77]. Altered transcription
factor binding by variants was found to be a key early step
in the regulatory cascade that may result in altered methylation and other epigenetic phenomena [77].

Methods for functional validation of variants
In this section I review different approaches and methodologies that can help establish mechanism for regulatory variants. These tools can be used to test hypotheses
that have been generated from functional annotation of
variants and eQTL mapping. In some instances, data will
be publicly available through repositories or accessible
through genome browsers to enable analysis (Table 1),
for example in terms of allele-specific expression or
chromatin interactions, but as previously noted the applicability and relevance of this information needs to be
considered in the context of the particular variant and
disease phenotype being considered. New data may need
to be generated by the investigator. For both allelespecific gene expression and chromatin interactions, the
new data can be analyzed in a locus-specific manner
without the need for high-throughput genomic technologies, but equally it can be cost- and time-effective to
screen many different loci simultaneously. A variety of
other tools can be used to characterize variants, including analysis of protein-DNA interactions and reporter
gene expression (Box 1). New genome editing techniques provide an exciting, tractable approach for studying human genetic variants, regulatory elements and
genes in a native chromosomal context.

Page 8 of 15

Allele-specific transcription

Cis-acting regulatory variants modulate gene expression
on the same chromosome. Resolution of allele-specific
differences in transcription can be achieved using transcribed SNVs to establish the allelic origin of transcripts
in individuals heterozygous for those variants [78]. Alternatively, it is possible to use proxies of transcriptional
activity, such as phosphorylated RNA polymerase II (Pol
II), to expand the number of informative SNVs, as these
are not restricted to transcribed variants and can include
any SNVs within about 1 kb of the gene when analyzed
using allele-specific Pol II ChIP [79]. Early genome-wide
studies of allele-specific expression showed that, in addition
to the small number of classical imprinted genes showing
monoallelic expression, up to 15 to 20% of autosomal genes
show heritable allele-specific differences (typically 1.5- to
2-fold in magnitude), consistent with the widespread and
significant modulation of gene expression by regulatory
variants [80]. Mapping allele-specific differences in transcript abundance is an important complementary approach
to eQTL mapping, as shown by recent high-resolution
RNA-seq studies [40,81]. Lappalainen and colleagues [40]
analyzed LCLs from 462 individuals from diverse populations in the 1000 Genomes Project. An integrated analysis
showed that almost all the identified allele-specific differences in expression were driven by cis-regulatory variants
rather than genotype-independent allele-specific epigenetic
effects. Rare regulatory variants were found to account for
the majority of identified allele-specific expression events
[40]. Battle and colleagues [81] mapped allele-specific gene
expression as a quantitative trait using RNA-seq in whole
blood from 922 individuals, showing that this method is
complementary to cis-eQTL mapping and can provide
mechanistic evidence of regulatory variants acting in cis.
Allele-specific transcription factor recruitment provides
further mechanistic evidence for how regulatory variants
act. Genome-wide analyses - for example, of binding of
the NF-κB transcription factor family by ChIP-seq [82] have provided an overview of the extent of such events,
but such datasets currently remain limited in terms of the
numbers of individuals and transcription factors profiled.
For some putative regulatory variants, predicting consequences for transcription factor binding by modeling
using position-weighted matrices has proved powerful
[83], and this can be improved using flexible transcription
factor models based on hidden Markov models to represent transcription factor binding properties [84]. Experimental evidence for allele-specific differences in binding
affinity can be generated using highly sensitive in vitro approaches such as electrophoretic mobility shift assays,
while ex vivo approaches such as ChIP applied to heterozygous cell lines or individuals can provide direct evidence
of relative occupancy by allele [85]. A further elegant approach is the use of allele-specific enhancer trap assays,
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successfully used by Bond and colleagues to identify a
regulatory SNP in a functional p53 binding site [86].
Chromatin interactions and DNA looping

Physical interactions between cis-regulatory elements
and gene promoters can be identified by chromatin conformation capture methods, which provide mechanistic
evidence to support hypotheses regarding the role of distal regulatory elements in modulating expression of particular genes and how this may be modulated by specific
regulatory genetic variants. For some loci and target regions, 3C remains an informative approach, but typically
investigators following up GWAS have several associated
loci of interest to interrogate. Here, use of the CaptureC approach [36] (Figure 2) developed by Hughes and
colleagues holds considerable promise: this highthroughput approach enables mapping of genome-wide
interactions for several hundred target genomic regions
spanning expression-associated variants and putative
regulatory elements at high resolution. To complement
and confirm those results it is also possible to analyze
promoters of expression-associated genes as target regions. 3C methods can thus provide important mechanistic evidence linking GWAS variants to genes. Careful
selection of the appropriate cellular and environmental
context in which such variants act remains important,
given that chromatin interactions are dynamic and context specific. Looping of chromatin can cause interaction
between two genetic loci or epistatic effects, and there is
evidence from gene expression studies that this is relatively common in epistatic networks involving common
SNVs [87,88].
Advances in genome editing techniques

Model organisms have been very important in advancing our understanding of regulatory variants and modulated genes (Box 1). Analysis of variants and putative
regulatory elements in an in vivo epigenomic regulatory
landscape (the native chromosomal context) for human
cell lines and primary cells is now more tractable following advances in genome editing technologies such as
transcription activator-like effector nucleases (TALENs)
[89] and in particular the RNA-guided ‘clustered regularly interspaced short palindromic repeats’ (CRISPR)Cas nuclease system [90-92]. The latter approach uses
guide sequences (programmable sequence-specific CRISPR
RNA [93]) to direct cleavage by the non-specific Cas9 nuclease and generate double-strand breaks at target sites,
and either nonhomologous end joining or homologydirected DNA repair using specific templates leads to the
desired insertions, deletions or substitutions at target sites
(Figure 3). The approach is highly specific, efficient, robust
and can be multiplexed to enable simultaneous genome
editing at multiple sites. Off-target effects can be
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minimized using a Cas9 nickase [92]. CRISPR-Cas9 has
been successfully used for positive and negative selection
screening in human cells using lentiviral delivery [94,95]
and to demonstrate functionality for particular regulatory
SNVs [52,61]. Lee and colleagues [61] discovered a
context-specific eQTL of SLFN5 and used CRISPR-Cas9
to demonstrate loss of inducibility by IFNβ on conversion
from the heterozygous to homozygous (common allele)
state in a human embryonic kidney cell line. Claussnitzer
and colleagues [52] used CRISPR-Cas9 and other tools to
characterize a type-2-diabetes-associated variant in the
PPARG2 gene; they replaced the endogenous risk allele in
a human pre-adipocyte cell strain with the non-risk allele
and showed increased expression of the transcript.

Integrative approaches and translational utility
Genomics-led research has significant potential to enhance drug discovery and enable more targeted use of
therapeutics by implicating particular genes and pathways
[8,96]. This requires greater focus on target discovery,
characterization and validation in academia combined
with better integration with industry. Combining GWAS
with eQTL analysis enables application of Mendelian
randomization approaches to infer causality for molecular
phenotypes [73,74]; this can enhance potential translational utility by indicating an intervention that could treat
the disease. Gene sets arising from GWAS are significantly
enriched for genes encoding known targets and associated
drugs in the worldwide drug pipeline; mismatches between current therapeutic indications and GWAS traits
are therefore opportunities for drug repurposing [97]. For
example, Sanseau and colleagues [97] identified registered
drugs or drugs in development that target TNFSF11, IL27
and ICOSLG as potential repurposing opportunities for
Crohn’s disease, given mismatches between GWAS associations with Crohn’s involving these genes and current
drug indications. To maximize the potential of GWAS for
therapeutics, and in particular for drug repurposing, it is
important to have better resolution of the identity of genes
modulated by GWAS variants so that associations can be
established between genes and traits. When an existing
drug is known to be effective in a given trait, it can then
be considered for use in a further trait that shows association with the same target gene.
Two examples illustrate how knowledge of functional
regulatory variants and association with specific traits
can guide likely utility and application. Okada and colleagues [8] recently showed how an integrated bioinformatics pipeline, using data from functional annotation,
cis-eQTL mapping, overlap with genes identified as
causing rare Mendelian traits (here, primary immunodeficiency disorders) and molecular pathway enrichment
analysis, could help prioritize and interpret results of
GWAS for rheumatoid arthritis with a view to guiding
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drug discovery. Fugger and colleagues [30] identified a
GWAS variant in the tumor necrosis factor receptor
gene TNFR1 that can mimic effects of TNF-blocking
drugs. The functional variant was associated by GWAS
with multiple sclerosis, but not with other autoimmune
diseases, and mechanistically it was found to result in a
novel soluble form of TNFR1 that can block TNF. The
genetic data parallel clinical experience with anti-TNF
therapy, which in general is highly effective in autoimmune disease but in multiple sclerosis can promote
onset or exacerbations. This work shows how knowing
the mechanism and spectrum of disease association
across different traits can help in developing and using
therapeutics.

Conclusions and future directions
The quest for regulatory genetic variants remains challenging but is facilitated by a number of recent developments, notably in terms of functional annotation and
tools for genome editing, mapping chromatin interactions and identifying QTLs involving different intermediate phenotypes such as gene expression at the
transcript and protein level. Integrative genomic approaches will further enable such work by allowing investigators to effectively combine and interrogate
complex and disparate genomic datasets [98,99]. A recurring theme across different approaches and datasets
is the functional context specificity of many regulatory
variants, requiring careful selection of experimental systems and of cell types and tissues. As our knowledge of
the complexities of gene regulation expands, the diverse
mechanisms of action of regulatory variants are being
recognized. Resolving such variants is of intrinsic biological interest, and fundamental to current efforts to
translate advances in genetic mapping of disease susceptibility into clinical utility and therapeutic application.
Establishing mechanism and identifying specific modulated genes and pathways is therefore a priority. Fortunately, we increasingly have the tools for these purposes,
both to characterize variants and study them in a highthroughput manner.
Key bottlenecks that need to be overcome include the
generation of functional genomics data in a broad range
of cell and tissue types relevant to disease (for other key
issues that remain to be resolved see Box 2). Cell numbers can be limiting for some technologies, and a range
of environmental contexts need to be considered. Moving to patient samples is challenging given heterogeneity
related, for example, to stage of disease and therapy, but
will be an essential component of further progress in
this area. QTL mapping has proven highly informative
but similarly requires large collections of samples, for
diverse cell types, in disease-relevant conditions. The
widespread adoption of new genome editing techniques
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Box 2. Key questions
 What are the modulated genes underlying GWAS loci?
 By what specific mechanisms do particular disease-associated
regulatory variants act?

 How can we resolve regulatory variants in a disease context?
 Can epigenomic profiling of chromatin accessibility and
modifications be applied to small numbers of cells?

 Are genome editing techniques amenable to throughput
experiments?

 How can we use knowledge of disease association integrated
with functional evidence to repurpose existing therapeutics?

 Can knowledge of disease-associated regulatory variants and
modulated genes provide new drug targets for development?

 Will regulatory variants, in particular those acting in trans,
provide new insights into biological pathways and networks?

and ongoing refinement of these remarkable tools will
considerably advance our ability to generate mechanistic
insights into regulatory variants, but at present these lack
easy scalability for higher-throughput application. It is also
essential to consider the translational relevance of this
work, in particular how knowledge of regulatory variants
can inform drug discovery and repurposing, and how academia and pharma can work together to inform and
maximize the utility of genetic studies.
Abbreviations
3C: Chromatin conformation capture; ChIP: Chromatin immunoprecipitation;
cis-eQTL: Local likely cis-acting eQTL; CRISPR: Clustered regularly interspaced
short palindromic repeats; ENCODE: ENCyclopedia Of DNA Elements;
eQTL: Expression quantitative trait locus; FANTOM5: Functional Annotation of
the Mammalian Genome project 5 project; GWAS: Genome-wide association
study; HTS: High-throughput sequencing; IFN: Interferon; LCL: Lymphoblastoid
cell line; LD: Linkage disequilibrium; pQTL: Protein quantitative trait locus;
QTL: Quantitative trait locus; SNV: Single-nucleotide variant; TNF: Tumor necrosis
factor; trans-eQTL: trans association involving distant, likely trans-acting variants.
Competing interests
The author declares that he has no competing interests.
Acknowledgements
This work was supported by the European Research Council under the
European Union’s Seventh Framework Programme (FP7/2007-2013)/ERC
Grant agreement no. 281824, the Medical Research Council (98082), the NIHR
Oxford Biomedical Research Centre and the Wellcome Trust (Grant 090532/
Z/09/Z core facilities Wellcome Trust Centre for Human Genetics including
High-Throughput Genomics Group).

References
1. Schaub MA, Boyle AP, Kundaje A, Batzoglou S, Snyder M: Linking disease
associations with regulatory information in the human genome.
Genome Res 2012, 22:1748–1759.

Knight Genome Medicine 2014, 6:92
http://genomemedicine.com/content/6/10/92

2.

3.
4.

5.
6.
7.

8.

9.
10.
11.
12.

13.
14.
15.
16.

17.

18.

19.

20.

21.

Dunham I, Kundaje A, Aldred SF, Collins PJ, Davis CA, Doyle F, Epstein CB,
Frietze S, Harrow J, Kaul R, Khatun J, Lajoie BR, Landt SG, Lee BK, Pauli F,
Rosenbloom KR, Sabo P, Safi A, Sanyal A, Shoresh N, Simon JM, Song L,
Trinklein ND, Altshuler RC, Birney E, Brown JB, Cheng C, Djebali S, Dong X,
Dunham I, et al: An integrated encyclopedia of DNA elements in the
human genome. Nature 2012, 489:57–74.
Jansen RC, Nap JP: Genetical genomics: the added value from
segregation. Trends Genet 2001, 17:388–391.
Wright FA, Sullivan PF, Brooks AI, Zou F, Sun W, Xia K, Madar V, Jansen R,
Chung W, Zhou YH, Abdellaoui A, Batista S, Butler C, Chen G, Chen TH,
D’Ambrosio D, Gallins P, Ha MJ, Hottenga JJ, Huang S, Kattenberg M,
Kochar J, Middeldorp CM, Qu A, Shabalin A, Tischfield J, Todd L, Tzeng JY,
van Grootheest G, Vink JM, et al: Heritability and genomics of gene
expression in peripheral blood. Nat Genet 2014, 46:430–437.
Westra HJ, Franke L: From genome to function by studying eQTLs.
Biochim Biophys Acta 1842, 2014:1896–1902.
Knight JC: Genomic modulators of the immune response. Trends Genet
2013, 29:74–83.
Nicolae DL, Gamazon E, Zhang W, Duan S, Dolan ME, Cox NJ: Trait-associated
SNPs are more likely to be eQTLs: annotation to enhance discovery from
GWAS. PLoS Genet 2010, 6:e1000888.
Okada Y, Wu D, Trynka G, Raj T, Terao C, Ikari K, Kochi Y, Ohmura K, Suzuki
A, Yoshida S, Graham RR, Manoharan A, Ortmann W, Bhangale T, Denny JC,
Carroll RJ, Eyler AE, Greenberg JD, Kremer JM, Pappas DA, Jiang L, Yin J, Ye
L, Su DF, Yang J, Xie G, Keystone E, Westra HJ, Esko T, Metspalu A, et al:
Genetics of rheumatoid arthritis contributes to biology and drug
discovery. Nature 2014, 506:376–381.
Cao C, Moult J: GWAS and drug targets. BMC Genomics 2014, 15:S5.
Haraksingh RR, Snyder MP: Impacts of variation in the human genome on
gene regulation. J Mol Biol 2013, 425:3970–3977.
Lelli KM, Slattery M, Mann RS: Disentangling the many layers of eukaryotic
transcriptional regulation. Annu Rev Genet 2012, 46:43–68.
Jaenisch R, Bird A: Epigenetic regulation of gene expression: how the
genome integrates intrinsic and environmental signals. Nat Genet 2003,
33:245–254.
Ward LD, Kellis M: Interpreting noncoding genetic variation in complex
traits and human disease. Nat Biotechnol 2012, 30:1095–1106.
Knight JC: Resolving the variable genome and epigenome in human
disease. J Intern Med 2012, 271:379–391.
Rivera CM, Ren B: Mapping human epigenomes. Cell 2013, 155:39–55.
Degner JF, Pai AA, Pique-Regi R, Veyrieras JB, Gaffney DJ, Pickrell JK, De Leon
S, Michelini K, Lewellen N, Crawford GE, Stephens M, Gilad Y, Pritchard JK:
DNase I sensitivity QTLs are a major determinant of human expression
variation. Nature 2012, 482:390–394.
McVicker G, van de Geijn B, Degner JF, Cain CE, Banovich NE, Raj A, Lewellen N,
Myrthil M, Gilad Y, Pritchard JK: Identification of genetic variants that affect
histone modifications in human cells. Science 2013, 342:747–749.
Kilpinen H, Waszak SM, Gschwind AR, Raghav SK, Witwicki RM, Orioli A,
Migliavacca E, Wiederkehr M, Gutierrez-Arcelus M, Panousis NI, Yurovsky A,
Lappalainen T, Romano-Palumbo L, Planchon A, Bielser D, Bryois J,
Padioleau I, Udin G, Thurnheer S, Hacker D, Core LJ, Lis JT, Hernandez N,
Reymond A, Deplancke B, Dermitzakis ET: Coordinated effects of sequence
variation on DNA binding, chromatin structure, and transcription.
Science 2013, 342:744–747.
Kasowski M, Kyriazopoulou-Panagiotopoulou S, Grubert F, Zaugg JB,
Kundaje A, Liu Y, Boyle AP, Zhang QC, Zakharia F, Spacek DV, Li J, Xie D,
Olarerin-George A, Steinmetz LM, Hogenesch JB, Kellis M, Batzoglou S,
Snyder M: Extensive variation in chromatin states across humans.
Science 2013, 342:750–752.
Kellis M, Wold B, Snyder MP, Bernstein BE, Kundaje A, Marinov GK,
Ward LD, Birney E, Crawford GE, Dekker J, Dunham I, Elnitski LL, Farnham
PJ, Feingold EA, Gerstein M, Giddings MC, Gilbert DM, Gingeras TR, Green
ED, Guigo R, Hubbard T, Kent J, Lieb JD, Myers RM, Pazin MJ, Ren B,
Stamatoyannopoulos JA, Weng Z, White KP, Hardison RC: Defining
functional DNA elements in the human genome. Proc Natl Acad Sci U S A
2014, 111:6131–6138.
Maurano MT, Humbert R, Rynes E, Thurman RE, Haugen E, Wang H,
Reynolds AP, Sandstrom R, Qu H, Brody J, Shafer A, Neri F, Lee K, Kutyavin T,
Stehling-Sun S, Johnson AK, Canfield TK, Giste E, Diegel M, Bates D, Hansen
RS, Neph S, Sabo PJ, Heimfeld S, Raubitschek A, Ziegler S, Cotsapas C,
Sotoodehnia N, Glass I, Sunyaev SR, Kaul R, Stamatoyannopoulos JA:

Page 12 of 15

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

Systematic localization of common disease-associated variation in
regulatory DNA. Science 2012, 337:1190–1195.
Schodel J, Bardella C, Sciesielski LK, Brown JM, Pugh CW, Buckle V,
Tomlinson IP, Ratcliffe PJ, Mole DR: Common genetic variants at the
11q13.3 renal cancer susceptibility locus influence binding of HIF to
an enhancer of cyclin D1 expression. Nat Genet 2012, 44:420–425.
S421-S422.
Bauer DE, Kamran SC, Lessard S, Xu J, Fujiwara Y, Lin C, Shao Z, Canver MC,
Smith EC, Pinello L, Sabo PJ, Vierstra J, Voit RA, Yuan GC, Porteus MH,
Stamatoyannopoulos JA, Lettre G, Orkin SH: An erythroid enhancer of
BCL11A subject to genetic variation determines fetal hemoglobin level.
Science 2013, 342:253–257.
Zhang X, Cowper-Sal lari R, Bailey SD, Moore JH, Lupien M: Integrative
functional genomics identifies an enhancer looping to the SOX9 gene
disrupted by the 17q24.3 prostate cancer risk locus. Genome Res 2012,
22:1437–1446.
Pomerantz MM, Ahmadiyeh N, Jia L, Herman P, Verzi MP, Doddapaneni H,
Beckwith CA, Chan JA, Hills A, Davis M, Yao K, Kehoe SM, Lenz HJ, Haiman
CA, Yan C, Henderson BE, Frenkel B, Barretina J, Bass A, Tabernero J, Baselga
J, Regan MM, Manak JR, Shivdasani R, Coetzee GA, Freedman ML: The 8q24
cancer risk variant rs6983267 shows long-range interaction with MYC in
colorectal cancer. Nat Genet 2009, 41:882–884.
Corradin O, Saiakhova A, Akhtar-Zaidi B, Myeroff L, Willis J, Cowper-Sal lari
R, Lupien M, Markowitz S, Scacheri PC: Combinatorial effects of multiple
enhancer variants in linkage disequilibrium dictate levels of gene
expression to confer susceptibility to common traits. Genome Res 2014,
24:1–13.
De Gobbi M, Viprakasit V, Hughes JR, Fisher C, Buckle VJ, Ayyub H, Gibbons
RJ, Vernimmen D, Yoshinaga Y, de Jong P, Cheng JF, Rubin EM, Wood WG,
Bowden D, Higgs DR: A regulatory SNP causes a human genetic disease
by creating a new transcriptional promoter. Science 2006, 312:1215–1217.
Brest P, Lapaquette P, Souidi M, Lebrigand K, Cesaro A, Vouret-Craviari V,
Mari B, Barbry P, Mosnier JF, Hebuterne X, Harel-Bellan A, Mograbi B,
Darfeuille-Michaud A, Hofman P: A synonymous variant in IRGM alters a
binding site for miR-196 and causes deregulation of IRGM-dependent
xenophagy in Crohn’s disease. Nat Genet 2011, 43:242–245.
Kwan T, Benovoy D, Dias C, Gurd S, Provencher C, Beaulieu P, Hudson TJ,
Sladek R, Majewski J: Genome-wide analysis of transcript isoform
variation in humans. Nat Genet 2008, 40:225–231.
Gregory AP, Dendrou CA, Attfield KE, Haghikia A, Xifara DK, Butter F,
Poschmann G, Kaur G, Lambert L, Leach OA, Prömel S, Punwani D, Felce JH,
Davis SJ, Gold R, Nielsen FC, Siegel RM, Mann M, Bell JI, McVean G, Fugger
L: TNF receptor 1 genetic risk mirrors outcome of anti-TNF therapy in
multiple sclerosis. Nature 2012, 488:508–511.
Shen H, Fridley BL, Song H, Lawrenson K, Cunningham JM, Ramus SJ, Cicek
MS, Tyrer J, Stram D, Larson MC, Köbel M, Consortium PRACTICAL, Ziogas A,
Zheng W, Yang HP, Wu AH, Wozniak EL, Woo YL, Winterhoff B, Wik E,
Whittemore AS, Wentzensen N, Weber RP, Vitonis AF, Vincent D, Vierkant
RA, Vergote I, Van Den Berg D, Van Altena AM, Tworoger SS, et al:
Epigenetic analysis leads to identification of HNF1B as a subtype-specific
susceptibility gene for ovarian cancer. Nat Commun 2013, 4:1628.
Thurman RE, Rynes E, Humbert R, Vierstra J, Maurano MT, Haugen E,
Sheffield NC, Stergachis AB, Wang H, Vernot B, Garg K, John S, Sandstrom R,
Bates D, Boatman L, Canfield TK, Diegel M, Dunn D, Ebersol AK, Frum T,
Giste E, Johnson AK, Johnson EM, Kutyavin T, Lajoie B, Lee BK, Lee K,
London D, Lotakis D, Neph S, et al: The accessible chromatin landscape of
the human genome. Nature 2012, 489:75–82.
Mercer TR, Edwards SL, Clark MB, Neph SJ, Wang H, Stergachis AB, John S,
Sandstrom R, Li G, Sandhu KS, Ruan Y, Nielsen LK, Mattick JS,
Stamatoyannopoulos JA: DNase I-hypersensitive exons colocalize with
promoters and distal regulatory elements. Nat Genet 2013, 45:852–859.
Furey TS: ChIP-seq and beyond: new and improved methodologies to
detect and characterize protein-DNA interactions. Nat Rev Genet 2012,
13:840–852.
Lieberman-Aiden E, van Berkum NL, Williams L, Imakaev M, Ragoczy T, Telling
A, Amit I, Lajoie BR, Sabo PJ, Dorschner MO, Sandstrom R, Bernstein B, Bender
MA, Groudine M, Gnirke A, Stamatoyannopoulos J, Mirny LA, Lander ES, Dekker
J: Comprehensive mapping of long-range interactions reveals folding
principles of the human genome. Science 2009, 326:289–293.
Hughes JR, Roberts N, McGowan S, Hay D, Giannoulatou E, Lynch M,
De Gobbi M, Taylor S, Gibbons R, Higgs DR: Analysis of hundreds of

Knight Genome Medicine 2014, 6:92
http://genomemedicine.com/content/6/10/92

37.

38.

39.

40.

41.

42.
43.

44.
45.

46.

47.

48.

49.

50.

51.

52.

53.

cis-regulatory landscapes at high resolution in a single, high-throughput
experiment. Nat Genet 2014, 46:205–212.
Djebali S, Davis CA, Merkel A, Dobin A, Lassmann T, Mortazavi A, Tanzer A,
Lagarde J, Lin W, Schlesinger F, Xue C, Marinov GK, Khatun J, Williams BA,
Zaleski C, Rozowsky J, Röder M, Kokocinski F, Abdelhamid RF, Alioto T,
Antoshechkin I, Baer MT, Bar NS, Batut P, Bell K, Bell I, Chakrabortty S,
Chen X, Chrast J, Curado J, et al: Landscape of transcription in human cells.
Nature 2012, 489:101–108.
Hrdlickova B, de Almeida RC, Borek Z, Withoff S: Genetic variation in the
non-coding genome: involvement of micro-RNAs and long non-coding
RNAs in disease. Biochim Biophys Acta 1842, 2014:1910–1922.
Boyle AP, Hong EL, Hariharan M, Cheng Y, Schaub MA, Kasowski M, Karczewski KJ,
Park J, Hitz BC, Weng S, Cherry JM, Snyder M: Annotation of functional
variation in personal genomes using RegulomeDB. Genome Res 2012,
22:1790–1797.
Lappalainen T, Sammeth M, Friedländer MR, ‘t Hoen PA, Monlong J, Rivas
MA, Gonzàlez-Porta M, Kurbatova N, Griebel T, Ferreira PG, Barann M,
Wieland T, Greger L, van Iterson M, Almlöf J, Ribeca P, Pulyakhina I, Esser D,
Giger T, Tikhonov A, Sultan M, Bertier G, MacArthur DG, Lek M, Lizano E,
Buermans HP, Padioleau I, Schwarzmayr T, Karlberg O, Ongen H, et al:
Transcriptome and genome sequencing uncovers functional variation in
humans. Nature 2013, 501:506–511.
Caliskan M, Cusanovich DA, Ober C, Gilad Y: The effects of EBV
transformation on gene expression levels and methylation profiles.
Hum Mol Genet 2011, 20:1643–1652.
Arvey A, Tempera I, Lieberman PM: Interpreting the Epstein-Barr Virus
(EBV) epigenome using high-throughput data. Viruses 2013, 5:1042–1054.
Bernstein BE, Stamatoyannopoulos JA, Costello JF, Ren B, Milosavljevic A,
Meissner A, Kellis M, Marra MA, Beaudet AL, Ecker JR, Farnham PJ, Hirst M,
Lander ES, Mikkelsen TS, Thomson JA: The NIH Roadmap Epigenomics
Mapping Consortium. Nat Biotechnol 2010, 28:1045–1048.
Martens JH, Stunnenberg HG: BLUEPRINT: mapping human blood cell
epigenomes. Haematologica 2013, 98:1487–1489.
Andersson R, Gebhard C, Miguel-Escalada I, Hoof I, Bornholdt J, Boyd M,
Chen Y, Zhao X, Schmidl C, Suzuki T, Ntini E, Arner E, Valen E, Li K,
Schwarzfischer L, Glatz D, Raithel J, Lilje B, Rapin N, Bagger FO, Jørgensen M,
Andersen PR, Bertin N, Rackham O, Burroughs AM, Baillie JK, Ishizu Y,
Shimizu Y, Furuhata E, Maeda S, et al: An atlas of active enhancers across
human cell types and tissues. Nature 2014, 507:455–461.
FANTOM Consortium and the RIKEN PMI and CLST (DGT), Forrest AR, Kawaji
H, Rehli M, Baillie JK, de Hoon MJ, Lassmann T, Itoh M, Summers KM, Suzuki
H, Daub CO, Kawai J, Heutink P, Hide W, Freeman TC, Lenhard B, Bajic VB,
Taylor MS, Makeev VJ, Sandelin A, Hume DA, Carninci P, Hayashizaki Y:
A promoter-level mammalian expression atlas. Nature 2014, 507:462–470.
Kircher M, Witten DM, Jain P, O’Roak BJ, Cooper GM, Shendure J: A general
framework for estimating the relative pathogenicity of human genetic
variants. Nat Genet 2014, 46:310–315.
Iversen ES, Lipton G, Clyde MA, Monteiro AN: Functional annotation
signatures of disease susceptibility loci improve SNP association analysis.
BMC Genomics 2014, 15:398.
Karolchik D, Barber GP, Casper J, Clawson H, Cline MS, Diekhans M,
Dreszer TR, Fujita PA, Guruvadoo L, Haeussler M, Harte RA, Heitner S,
Hinrichs AS, Learned K, Lee BT, Li CH, Raney BJ, Rhead B, Rosenbloom KR,
Sloan CA, Speir ML, Zweig AS, Haussler D, Kuhn RM, Kent WJ: The UCSC
Genome Browser database: 2014 update. Nucleic Acids Res 2014,
42:D764–D770.
McLaren W, Pritchard B, Rios D, Chen Y, Flicek P, Cunningham F: Deriving
the consequences of genomic variants with the Ensembl API and SNP
Effect Predictor. Bioinformatics 2010, 26:2069–2070.
Rands CM, Meader S, Ponting CP, Lunter G: 82% of the human genome is
constrained: variation in rates of turnover across functional element
classes in the human lineage. PLoS Genet 2014, 10:e1004525.
Claussnitzer M, Dankel SN, Klocke B, Grallert H, Glunk V, Berulava T, Lee H,
Oskolkov N, Fadista J, Ehlers K, Wahl S, Hoffmann C, Qian K, Rönn T, Riess H,
Müller-Nurasyid M, Bretschneider N, Schroeder T, Skurk T, Horsthemke B,
DIAGRAM + Consortium, Spieler D, Klingenspor M, Seifert M, Kern MJ,
Mejhert N, Dahlman I, Hansson O, Hauck SM, Blüher M, Arner P, et al:
Leveraging cross-species transcription factor binding site patterns: from
diabetes risk loci to disease mechanisms. Cell 2014, 156:343–358.
Rockman MV, Kruglyak L: Genetics of global gene expression. Nat Rev
Genet 2006, 7:862–872.

Page 13 of 15

54. Battle A, Montgomery SB: Determining causality and consequence of
expression quantitative trait loci. Hum Genet 2014, 133:727–735.
55. Westra HJ, Peters MJ, Esko T, Yaghootkar H, Schurmann C, Kettunen J,
Christiansen MW, Fairfax BP, Schramm K, Powell JE, Zhernakova A,
Zhernakova DV, Veldink JH, Van den Berg LH, Karjalainen J, Withoff S,
Uitterlinden AG, Hofman A, Rivadeneira F, ‘t Hoen PA, Reinmaa E, Fischer K,
Nelis M, Milani L, Melzer D, Ferrucci L, Singleton AB, Hernandez DG, Nalls
MA, Homuth G, et al: Systematic identification of trans eQTLs as
putative drivers of known disease associations. Nat Genet 2013,
45:1238–1243.
56. Small KS, Hedman AK, Grundberg E, Nica AC, Thorleifsson G, Kong A,
Thorsteindottir U, Shin SY, Richards HB, GIANT Consortium; MAGIC
Investigators, DIAGRAM Consortium, Soranzo N, Ahmadi KR, Lindgren CM,
Stefansson K, Dermitzakis ET, Deloukas P, Spector TD, McCarthy MI, MuTHER
Consortium: Identification of an imprinted master trans regulator at the
KLF14 locus related to multiple metabolic phenotypes. Nat Genet 2011,
43:561–564.
57. Fairfax BP, Humburg P, Makino S, Naranbhai V, Wong D, Lau E, Jostins L,
Plant K, Andrews R, McGee C, Knight JC: Innate immune activity
conditions the effect of regulatory variants upon monocyte gene
expression. Science 2014, 343:1246949.
58. Fairfax BP, Makino S, Radhakrishnan J, Plant K, Leslie S, Dilthey A, Ellis P,
Langford C, Vannberg FO, Knight JC: Genetics of gene expression in
primary immune cells identifies cell type-specific master regulators and
roles of HLA alleles. Nat Genet 2012, 44:502–510.
59. Dimas AS, Deutsch S, Stranger BE, Montgomery SB, Borel C, Attar-Cohen H,
Ingle C, Beazley C, Gutierrez Arcelus M, Sekowska M, Gagnebin M, Nisbett J,
Deloukas P, Dermitzakis ET, Antonarakis SE: Common regulatory variation
impacts gene expression in a cell type-dependent manner. Science 2009,
325:1246–1250.
60. Nica AC, Parts L, Glass D, Nisbet J, Barrett A, Sekowska M, Travers M, Potter
S, Grundberg E, Small K, Hedman AK, Bataille V, Tzenova Bell J, Surdulescu
G, Dimas AS, Ingle C, Nestle FO, di Meglio P, Min JL, Wilk A, Hammond CJ,
Hassanali N, Yang TP, Montgomery SB, O’Rahilly S, Lindgren CM, Zondervan
KT, Soranzo N, Barroso I, Durbin R, et al: The architecture of gene
regulatory variation across multiple human tissues: the MuTHER study.
PLoS Genet 2011, 7:e1002003.
61. Lee MN, Ye C, Villani AC, Raj T, Li W, Eisenhaure TM, Imboywa SH, Chipendo
PI, Ran FA, Slowikowski K, Ward LD, Raddassi K, McCabe C, Lee MH, Frohlich
IY, Hafler DA, Kellis M, Raychaudhuri S, Zhang F, Stranger BE, Benoist CO, De
Jager PL, Regev A, Hacohen N: Common genetic variants modulate
pathogen-sensing responses in human dendritic cells. Science 2014,
343:1246980.
62. Smirnov DA, Morley M, Shin E, Spielman RS, Cheung VG: Genetic analysis
of radiation-induced changes in human gene expression. Nature 2009,
459:587–591.
63. Yao C, Joehanes R, Johnson AD, Huan T, Esko T, Ying S, Freedman JE, Murabito
J, Lunetta KL, Metspalu A, Munson PJ, Levy D: Sex- and age-interacting eQTLs
in human complex diseases. Hum Mol Genet 2014, 23:1947–1956.
64. Idaghdour Y, Czika W, Shianna KV, Lee SH, Visscher PM, Martin HC, Miclaus
K, Jadallah SJ, Goldstein DB, Wolfinger RD, Gibson G: Geographical
genomics of human leukocyte gene expression variation in southern
Morocco. Nat Genet 2010, 42:62–67.
65. Idaghdour Y, Quinlan J, Goulet JP, Berghout J, Gbeha E, Bruat V, de Malliard
T, Grenier JC, Gomez S, Gros P, Rahimy MC, Sanni A, Awadalla P: Evidence
for additive and interaction effects of host genotype and infection in
malaria. Proc Natl Acad Sci U S A 2012, 109:16786–16793.
66. Stranger BE, Montgomery SB, Dimas AS, Parts L, Stegle O, Ingle CE,
Sekowska M, Smith GD, Evans D, Gutierrez-Arcelus M, Price A, Raj T, Nisbett
J, Nica AC, Beazley C, Durbin R, Deloukas P, Dermitzakis ET: Patterns of cis
regulatory variation in diverse human populations. PLoS Genet 2012,
8:e1002639.
67. Ge B, Pokholok DK, Kwan T, Grundberg E, Morcos L, Verlaan DJ, Le J, Koka V,
Lam KC, Gagne V, Dias J, Hoberman R, Montpetit A, Joly MM, Harvey EJ,
Sinnett D, Beaulieu P, Hamon R, Graziani A, Dewar K, Harmsen E, Majewski J,
Göring HH, Naumova AK, Blanchette M, Gunderson KL, Pastinen T: Global
patterns of cis variation in human cells revealed by high-density allelic
expression analysis. Nat Genet 2009, 41:1216–1222.
68. Albert FW, Treusch S, Shockley AH, Bloom JS, Kruglyak L: Genetics of
single-cell protein abundance variation in large yeast populations.
Nature 2014, 506:494–497.

Knight Genome Medicine 2014, 6:92
http://genomemedicine.com/content/6/10/92

69. Lourdusamy A, Newhouse S, Lunnon K, Proitsi P, Powell J, Hodges A, Nelson
SK, Stewart A, Williams S, Kloszewska I, Mecocci P, Soininen H, Tsolaki M,
Vellas B, Lovestone S, AddNeuroMed Consortium, Dobson R, Alzheimer’s
Disease Neuroimaging Initiative: Identification of cis-regulatory variation
influencing protein abundance levels in human plasma. Hum Mol Genet
2012, 21:3719–3726.
70. Stark AL, Hause RJ Jr, Gorsic LK, Antao NN, Wong SS, Chung SH, Gill DF, Im
HK, Myers JL, White KP, Jones RB, Dolan ME: Protein quantitative trait loci
identify novel candidates modulating cellular response to
chemotherapy. PLoS Genet 2014, 10:e1004192.
71. Horvatovich P, Franke L, Bischoff R: Proteomic studies related to genetic
determinants of variability in protein concentrations. J Proteome Res 2014,
13:5–14.
72. Stergachis AB, Haugen E, Shafer A, Fu W, Vernot B, Reynolds A, Raubitschek
A, Ziegler S, LeProust EM, Akey JM, Stamatoyannopoulos JA: Exonic
transcription factor binding directs codon choice and affects protein
evolution. Science 2013, 342:1367–1372.
73. Shin SY, Fauman EB, Petersen AK, Krumsiek J, Santos R, Huang J, Arnold M,
Erte I, Forgetta V, Yang TP, Walter K, Menni C, Chen L, Vasquez L, Valdes AM,
Hyde CL, Wang V, Ziemek D, Roberts P, Xi L, Grundberg E, Consortium
MTHER(MTHER), Waldenberger M, Richards JB, Mohney RP, Milburn MV,
John SL, Trimmer J, Theis FJ, Overington JP, et al: An atlas of genetic
influences on human blood metabolites. Nat Genet 2014, 46:543–550.
74. Smith GD, Ebrahim S: ‘Mendelian randomization’: can genetic
epidemiology contribute to understanding environmental determinants
of disease? Int J Epidemiol 2003, 32:1–22.
75. Gutierrez-Arcelus M, Lappalainen T, Montgomery SB, Buil A, Ongen H,
Yurovsky A, Bryois J, Giger T, Romano L, Planchon A, Falconnet E, Bielser D,
Gagnebin M, Padioleau I, Borel C, Letourneau A, Makrythanasis P, Guipponi
M, Gehrig C, Antonarakis SE, Dermitzakis ET: Passive and active DNA
methylation and the interplay with genetic variation in gene regulation.
Elife 2013, 2:e00523.
76. Gibbs JR, van der Brug MP, Hernandez DG, Traynor BJ, Nalls MA, Lai SL,
Arepalli S, Dillman A, Rafferty IP, Troncoso J, Johnson R, Zielke HR, Ferrucci
L, Longo DL, Cookson MR, Singleton AB: Abundant quantitative trait loci
exist for DNA methylation and gene expression in human brain.
PLoS Genet 2010, 6:e1000952.
77. Banovich NE, Lan X, McVicker G, van de Geijn B, Degner JF, Blischak JD,
Roux J, Pritchard JK, Gilad Y: Methylation QTLs are associated with
coordinated changes in transcription factor binding, histone
modifications, and gene expression levels. PLoS Genet 2014, 10:e1004663.
78. Yan H, Yuan W, Velculescu VE, Vogelstein B, Kinzler KW: Allelic variation in
human gene expression. Science 2002, 297:1143.
79. Knight JC, Keating BJ, Rockett KA, Kwiatkowski DP: In vivo characterization
of regulatory polymorphisms by allele-specific quantification of RNA
polymerase loading. Nat Genet 2003, 33:469–475.
80. Knight JC: Allele-specific gene expression uncovered. Trends Genet 2004,
20:113–116.
81. Battle A, Mostafavi S, Zhu X, Potash JB, Weissman MM, McCormick C,
Haudenschild CD, Beckman KB, Shi J, Mei R, Urban AE, Montgomery SB, Levinson
DF, Koller D: Characterizing the genetic basis of transcriptome diversity
through RNA-sequencing of 922 individuals. Genome Res 2014, 24:14–24.
82. Kasowski M, Grubert F, Heffelfinger C, Hariharan M, Asabere A, Waszak SM,
Habegger L, Rozowsky J, Shi M, Urban AE, Hong MY, Karczewski KJ, Huber
W, Weissman SM, Gerstein MB, Korbel JO, Snyder M: Variation in
transcription factor binding among humans. Science 2010, 328:232–235.
83. Stormo GD: Modeling the specificity of protein-DNA interactions. Cold
Spring Harb Symp Quant Biol 2013, 1:115–130.
84. Mathelier A, Wasserman WW: The next generation of transcription factor
binding site prediction. PLoS Comput Biol 2013, 9:e1003214.
85. Knight JC, Keating BJ, Kwiatkowski DP: Allele-specific repression of
lymphotoxin-alpha by activated B cell factor-1. Nat Genet 2004, 36:394–399.
86. Zeron-Medina J, Wang X, Repapi E, Campbell MR, Su D, Castro-Giner F,
Davies B, Peterse EF, Sacilotto N, Walker GJ, Terzian T, Tomlinson IP, Box NF,
Meinshausen N, De Val S, Bell DA, Bond GL: A polymorphic p53 response
element in KIT ligand influences cancer risk and has undergone natural
selection. Cell 2013, 155:410–422.
87. Hemani G, Shakhbazov K, Westra HJ, Esko T, Henders AK, McRae AF, Yang J,
Gibson G, Martin NG, Metspalu A, Franke L, Montgomery GW, Visscher PM,
Powell JE: Detection and replication of epistasis influencing transcription
in humans. Nature 2014, 508:249–253.

Page 14 of 15

88. Brown AA, Buil A, Vinuela A, Lappalainen T, Zheng HF, Richards JB, Small KS,
Spector TD, Dermitzakis ET, Durbin R: Genetic interactions affecting
human gene expression identified by variance association mapping.
Elife 2014, 3:e01381.
89. Moscou MJ, Bogdanove AJ: A simple cipher governs DNA recognition by
TAL effectors. Science 2009, 326:1501.
90. Cong L, Ran FA, Cox D, Lin S, Barretto R, Habib N, Hsu PD, Wu X, Jiang W,
Marraffini LA, Zhang F: Multiplex genome engineering using CRISPR/Cas
systems. Science 2013, 339:819–823.
91. Mali P, Yang L, Esvelt KM, Aach J, Guell M, DiCarlo JE, Norville JE, Church GM:
RNA-guided human genome engineering via Cas9. Science 2013, 339:823–826.
92. Shen B, Zhang W, Zhang J, Zhou J, Wang J, Chen L, Wang L, Hodgkins A, Iyer
V, Huang X, Skarnes WC: Efficient genome modification by CRISPR-Cas9
nickase with minimal off-target effects. Nat Methods 2014, 11:399–402.
93. Jinek M, Chylinski K, Fonfara I, Hauer M, Doudna JA, Charpentier E: A
programmable dual-RNA-guided DNA endonuclease in adaptive bacterial
immunity. Science 2012, 337:816–821.
94. Shalem O, Sanjana NE, Hartenian E, Shi X, Scott DA, Mikkelsen TS, Heckl D,
Ebert BL, Root DE, Doench JG, Zhang F: Genome-scale CRISPR-Cas9
knockout screening in human cells. Science 2014, 343:84–87.
95. Wang T, Wei JJ, Sabatini DM, Lander ES: Genetic screens in human cells
using the CRISPR-Cas9 system. Science 2014, 343:80–84.
96. Fugger L, McVean G, Bell JI: Genomewide association studies and common
disease - realizing clinical utility. N Engl J Med 2012, 367:2370–2371.
97. Sanseau P, Agarwal P, Barnes MR, Pastinen T, Richards JB, Cardon LR, Mooser V:
Use of genome-wide association studies for drug repositioning.
Nat Biotechnol 2012, 30:317–320.
98. Hawkins RD, Hon GC, Ren B: Next-generation genomics: an integrative
approach. Nat Rev Genet 2010, 11:476–486.
99. Trynka G, Sandor C, Han B, Xu H, Stranger BE, Liu XS, Raychaudhuri S:
Chromatin marks identify critical cell types for fine mapping complex
trait variants. Nat Genet 2013, 45:124–130.
100. Musunuru K, Strong A, Frank-Kamenetsky M, Lee NE, Ahfeldt T, Sachs KV, Li
X, Li H, Kuperwasser N, Ruda VM, Pirruccello JP, Muchmore B, ProkuninaOlsson L, Hall JL, Schadt EE, Morales CR, Lund-Katz S, Phillips MC, Wong J,
Cantley W, Racie T, Ejebe KG, Orho-Melander M, Melander O, Koteliansky V,
Fitzgerald K, Krauss RM, Cowan CA, Kathiresan S, Rader DJ: From noncoding
variant to phenotype via SORT1 at the 1p13 cholesterol locus. Nature 2010,
466:714–719.
101. Teslovich TM, Musunuru K, Smith AV, Edmondson AC, Stylianou IM, Koseki
M, Pirruccello JP, Ripatti S, Chasman DI, Willer CJ, Johansen CT, Fouchier SW,
Isaacs A, Peloso GM, Barbalic M, Ricketts SL, Bis JC, Aulchenko YS,
Thorleifsson G, Feitosa MF, Chambers J, Orho-Melander M, Melander O,
Johnson T, Li X, Guo X, Li M, Shin Cho Y, Jin Go M, Jin Kim Y, et al:
Biological, clinical and population relevance of 95 loci for blood lipids.
Nature 2010, 466:707–713.
102. Smemo S, Tena JJ, Kim KH, Gamazon ER, Sakabe NJ, Gómez-Marín C, Aneas I,
Credidio FL, Sobreira DR, Wasserman NF, Lee JH, Puviindran V, Tam D, Shen M,
Son JE, Vakili NA, Sung HK, Naranjo S, Acemel RD, Manzanares M, Nagy A, Cox
NJ, Hui CC, Gomez-Skarmeta JL, Nóbrega MA: Obesity-associated variants
within FTO form long-range functional connections with IRX3. Nature 2014,
507:371–375.
103. Dina C, Meyre D, Gallina S, Durand E, Korner A, Jacobson P, Carlsson LM,
Kiess W, Vatin V, Lecoeur C, Delplanque J, Vaillant E, Pattou F, Ruiz J, Weill J,
Levy-Marchal C, Horber F, Potoczna N, Hercberg S, Le Stunff C, Bougnères P,
Kovacs P, Marre M, Balkau B, Cauchi S, Chèvre JC, Froguel P: Variation in
FTO contributes to childhood obesity and severe adult obesity. Nat Genet
2007, 39:724–726.
104. Frayling TM, Timpson NJ, Weedon MN, Zeggini E, Freathy RM, Lindgren CM,
Perry JR, Elliott KS, Lango H, Rayner NW, Shields B, Harries LW, Barrett JC,
Ellard S, Groves CJ, Knight B, Patch AM, Ness AR, Ebrahim S, Lawlor DA, Ring
SM, Ben-Shlomo Y, Jarvelin MR, Sovio U, Bennett AJ, Melzer D, Ferrucci L,
Loos RJ, Barroso I, Wareham NJ, et al: A common variant in the FTO gene
is associated with body mass index and predisposes to childhood and
adult obesity. Science 2007, 316:889–894.
105. Scuteri A, Sanna S, Chen WM, Uda M, Albai G, Strait J, Najjar S, Nagaraja R,
Orru M, Usala G, Dei M, Lai S, Maschio A, Busonero F, Mulas A, Ehret GB,
Fink AA, Weder AB, Cooper RS, Galan P, Chakravarti A, Schlessinger D, Cao
A, Lakatta E, Abecasis GR: Genome-wide association scan shows genetic
variants in the FTO gene are associated with obesity-related traits.
PLoS Genet 2007, 3:e115.

Knight Genome Medicine 2014, 6:92
http://genomemedicine.com/content/6/10/92

106. Fischer J, Koch L, Emmerling C, Vierkotten J, Peters T, Bruning JC, Ruther U:
Inactivation of the Fto gene protects from obesity. Nature 2009, 458:894–898.
107. Church C, Moir L, McMurray F, Girard C, Banks GT, Teboul L, Wells S, Bruning JC,
Nolan PM, Ashcroft FM, Cox RD: Overexpression of Fto leads to increased
food intake and results in obesity. Nat Genet 2010, 42:1086–1092.
108. Ran FA, Hsu PD, Wright J, Agarwala V, Scott DA, Zhang F: Genome
engineering using the CRISPR-Cas9 system. Nat Protoc 2013, 8:2281–2308.
doi:10.1186/s13073-014-0092-4
Cite this article as: Knight: Approaches for establishing the function of
regulatory genetic variants involved in disease. Genome Medicine
2014 6:92.

Page 15 of 15

