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Abstract

Background: The use of tumour xenografts is a well-established research tool in cancer genomics but has not yet
been comprehensively evaluated for cancer epigenomics.

Methods: In this study, we assessed the suitability of patient-derived tumour xenografts (PDXs) for methylome analysis
using Infinium 450 K Beadchips and MeDIP-seq.

Results: Controlled for confounding host (mouse) sequences, comparison of primary PDXs and matching patient
tumours in a rare (osteosarcoma) and common (colon) cancer revealed that an average 2.7% of the assayed CpG sites
undergo major (Δβ≥ 0.51) methylation changes in a cancer-specific manner as a result of the xenografting procedure.
No significant subsequent methylation changes were observed after a second round of xenografting between primary
and secondary PDXs. Based on computational simulation using publically available methylation data, we additionally
show that future studies comparing two groups of PDXs should use 15 or more samples in each group to minimise
the impact of xenografting-associated changes in methylation on comparison results.

Conclusions: Our results from rare and common cancers indicate that PDXs are a suitable discovery tool for cancer
epigenomics and we provide guidance on how to overcome the observed limitations.
Background
Xenografting of human tumours into mice or rats has
been performed since the late 1960s [1], but it was not
until the advent of immunodeficient mouse strains (for
example, severe combined immunodeficiency (SCID) mice)
in the mid-1980s that the practice became widespread
in basic research and preclinical studies [2]. These new
models of disease brought with them new hopes of
therapeutic advances but have also displayed a number
of noteworthy limitations [2]. Firstly, both the surrounding
stroma and the blood vessels recruited to the growing
tumour during angiogenesis effectively incorporate mur-
ine cells into the transplanted tumour. Secondly, placing
the xenograft orthotopically is technically challenging,
so most are grown subcutaneously, effectively eliminating
the possibility of replicating metastatic disease. Despite
these limitations, patient-derived tumour xenografts (PDXs)
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have proven extremely accurate at predicting drug response
in various cancer types [3], and have been used in numer-
ous preclinical studies [4].
Osteosarcoma (OS) is the most common form of pri-

mary bone cancer, yet remains incredibly rare with an
age-standardised incidence in the UK of 8 and 6 per
million in males and females, respectively [5]. Thus, one
of the major issues with the study of rare cancers such
as OS is the scarcity of primary samples to analyse. This
highlights the need for an accurate model of the disease
and PDXs have been shown in multiple cancer types to
better represent the genetic and gene-expression char-
acteristics of tumours than in vitro cell lines [6]. More-
over, because OS presents most often in adolescents
and young adults, who are less likely to enrol into clin-
ical trials [7], patient recruitment can often take several
years, thus enhancing the inherent jeopardy in drug selec-
tion for these trials. With this in mind, in vivo tumour
models that most accurately replicate the patient’s condi-
tion are a crucial factor in experimental pharmacology.
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PDXs constitute one such model that is widely used
in preclinical research [8], and OncoTrack, the largest
European public-private biomarker consortium which
aims to develop novel biomarkers for targeted therapy
[9], generated PDXs that were included here as an add-
itional tumour type and an example of a common cancer
(colon cancer (CC)). Despite the popularity of PDXs, only
a few systematic studies have compared their fidelity to
the original tumours from which they were derived. None-
theless, the findings have been encouraging: in pancreatic
cancer, for instance, gene expression patterns were faith-
fully retained in PDXs and the majority of the observed
changes were associated with pathways reflecting the
microenvironment [10], and in breast cancer less than
5% of genes showed variation in expression between
PDXs and the corresponding primary tumour [11]. To
our knowledge, however, only one systematic genomic
profiling of patient tumours and PDXs is available in the
literature: it shows that all copy number variants are
maintained in PDXs, and that while xenografts do ini-
tially present a small number of single nucleotide vari-
ants (approximately 4,300), the vast majority of changes
that accumulate over time occur in non-coding parts of
the genome [12]. Similarly, only one study has assessed
genome-wide DNA methylation changes in head and
neck squamous cell carcinomas using the earlier Infi-
nium 27 K BeadChip, and found no statistically signifi-
cant changes [13].
To address this gap in our current knowledge, we have

carried out a comprehensive assessment of the suitability
of PDXs for cancer epigenomics. The assessment included
methylome analysis using array- and sequencing-based
technologies of primary and secondary PDXs derived from
rare (OS) and common (CC) cancers as well as computa-
tional simulations.

Methods
Tumour samples and xenografting
The research described below conformed to the Helsinki
Declaration.
For OS, PDXs were generated from tumour samples

obtained from the Stanmore Musculoskeletal Biobank,
satellite to the UCL Biobank for Health and Disease.
Ethical approval for the OS samples was obtained from the
Cambridgeshire 2 Research Ethics Service, UK (reference
09/H0308/165), and the UCL Biobank for Health and
Disease, which is held under the Human Tissue Author-
ity licence 12055: project EC17.1. Samples were washed
in phosphate-buffered saline and cut to the appropriate
size (approximately 2 to 3 mm3). Under isoflurane an-
aesthesia delivered via a nasal attachment tube, tumour
fragments were inserted subcutaneously in one or both
flanks of the mice. In total, 14 female SCID mice (3 to 6
weeks old) were kept at the UCL Animal Housing
facility in individually ventilated cages, and monitored
at least twice a week for the duration of the experiment.
Procedures were followed as described in the project li-
cense (delivered by the UK Home Office PPL 70/6666)
and, when necessary, animals were sacrificed according
to an approved schedule 1 protocol. Tumour growth was
measured using digital measuring callipers. Tumours were
snap-frozen in liquid nitrogen after excision.
For CC, PDXs were generated from tumour tissue de-

rived from surgical specimens of patients with colorectal
cancer. The tissue samples and respective data from the
Medical University of Graz were provided by the Bio-
bank Graz with Ethics approval of the project under the
ethical commission number 23-015 ex 10/11. The tissue
samples and data from the Charite Medical University in
Berlin were provided with Ethics approval EA1/069/11.
The tumour samples were received directly from the
hospitals in Berlin (Charité) and Graz (Medizinisches
Universitätsklinikum) under sterile conditions. The tu-
mours were cut into 2 × 2 mm fragments and placed in
a sterile Petri dish covered with HANKs balanced salt
solution. Mice were anaesthetised by a single intraven-
ous injection (0.15 ml/mouse) with Etomidate-®Lipuro
(0.3 mg/mouse) and each fragment was inserted subcuta-
neously into the left flank of the recipient mouse. We used
immune deficient female NMRI nu/nu mice, supplied
from Taconic (Lille Skensved, Denmark) or Charles River
(Sulzfeld, Germany). The mice were kept at EPO under
sterile conditions in strictly controlled and standardised
barrier conditions, IVC System Tecniplast DCC (Tecni-
plast Deutschland GmbH, Hohenpeißenberg, Germany).
The body weight and health of the mice were controlled
throughout the experiment. After the xenotransplantation,
tumour growth was monitored at least twice a week using
callipers. Mice were sacrificed when the tumours reached
a volume of ≥1,000 mm3 or when the animals lost ≥20%
body weight.
DNA methylation analysis
Genomic DNA was extracted from PDX samples using
the QIAamp DNA Mini Kit (Qiagen, Venlo, Limburg,
Netherlands) according to the manufacturer’s instructions,
and subjected to methylation analysis. The bisulphite con-
version of the DNA was performed using the EZ DNA
Methylation kit (Zymo Research, Irvine, California, USA)
on 500 ng. Conversion efficiency was assessed by quantita-
tive PCR. The Illumina Infinium HumanMethylation450
BeadChips were processed as per the manufacturer’s in-
structions. The MeDIP-seq libraries were prepared as pre-
viously described [14] and sequenced on a HiSeq 2000.
The resulting 450 K and MeDIP-seq data were deposited
into the Gene Expression Omnibus as a SuperSeries under
accession number GSE59352.
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Statistical analysis
The raw data obtained from the 450 K arrays were proc-
essed from the IDAT files through to normalisation with
BMIQ [15] using the ChAMP [16] pipeline, and all subse-
quent analysis was performed with the R statistical soft-
ware v3.0.2 and custom scripts. Quality control of the
array data included removal of probes for which any sam-
ple did not pass a 0.01 detection P-value threshold, bead
cutoff of 0.05, and removal of probes on the sex chromo-
somes. Probes passing the detection P-value threshold of
0.01 in the mouse-only sample were also removed from
downstream analysis in all xenografts to avoid confound-
ing signal from any mouse DNA. The genomic and epige-
nomic features used are those annotated on the array and
enrichments were calculated on the basis of 1,000 repeti-
tions of a random selection of probes from the overall
probe set used in the analysis.
The sequencing data were processed from fastq files

using the MeDUSA [17] pipeline. The reads were aligned
separately to both the hg19 and mm10 genomes, with all
redundant and unpaired reads removed. After assessment
of the levels of likely contamination from mouse DNA as
well as based on recommendations from other studies
[18], those reads aligning only to human or to both hu-
man and mouse were kept for downstream analysis.

Results and discussion
Comparison of osteosarcoma PDXs and patient tumours
To investigate the methylation changes linked to deriv-
ing xenografts from patient tumours, we subcutaneously
inserted OS fragments from two patients in the flanks of
SCID mice, and grew them over two generations accord-
ing to the scheme described in Figure 1.
T2P

T1P

Mouse 3

Mouse 1

Mouse 2

T2X1

T1X1

T1X2A

T1X2B

Patient Osteosarcoma 
Tumours

1st Generation X

Figure 1 Osteosarcoma PDX derivation scheme. A single fragment from
subcutaneously into each flank of a SCID mouse. Patient tumour 1 (T1P) ga
PDXs, while patient tumour 2 (T2P) was used to produce one PDX at each
A final sample set consisting of two patient tumours
(T1P and T2P), four first generation PDXs, and three
second generation PDXs were available for methylation
analysis on the Illumina Infinium 450 K Beadchips [19].
A major concern with analyses of human tumours grown

in mice is the potential for signal contamination by host
DNA from tumour vascularisation during its development
or from the surrounding stroma when extracting the
tumour. In order to eliminate these confounders in our
methylation analysis, an additional mouse kidney sample
was processed on the 450 K array and the 45,934 probes
passing a detection P-value threshold of 0.01 were removed
from downstream analysis. The use of the detection P-value
ensured that probes were filtered out based solely on their
ability to hybridise to the sample DNA as opposed to their
methylation status. This makes the mouse kidney sample
an appropriate tissue for filtering probes in the analysis of
both types of cancers described in this study. The raw data
for all samples were subsequently processed through the
ChAMP analysis pipeline [16] (see Methods) to produce a
final dataset of 9 samples and 463,558 probes.
The distributions of methylation at the genome-wide

and feature-specific levels for each sample are shown in
Figure 2. Although methylation levels appear remarkably
consistent within each tumour set, and in line with ex-
pected feature-specific values (for example, low methylation
at CpG islands), there is a slight increase in methylation
levels across all features between the two patient tumours
and their derivatives.
Specifically assessing methylation differences at each

probe between a PDX and its original patient tumour fur-
ther supports the maintenance of most of the methylome
in tumour xenografts: Figure 3a shows that only a small
Mouse 6

Mouse 5

T2X1X1

T1X2BX1

Mouse 4 T1X2AX1

enografts 2nd Generation Xenografts

each patient tumour, approximately 1 mm in diameter, was inserted
ve rise to three first generation PDXs and two second generation
generation.



Figure 2 DNA methylation distribution by feature. For each feature, in each sample, the β-values are binned into 1% methylation increments
(described by the colour scale), and the percentage of probes at each methylation level is shown in the individual plots. The top and bottom
eight plots correspond to the T1 and T2 sets, respectively. Whole Genome = all probes. IGR, intergenic region; TSS, transcription start site.
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fraction of the assessed CpG sites display large changes in
methylation. We have previously shown [20] that 95% of
fully unmethylated probes display β-values ≤0.31, while
fully methylated probes have β-values ≥0.82; thus a Δβ
threshold of 0.51 can be used as the minimum change ex-
pected for a CpG to be observed as going from fully
unmethylated to methylated or vice versa ('reversed
methylation'). Using this threshold in the comparisons of
PDXs and patient tumours, as shown in Figure 3b, an
average of only 0.85% of probes in the T1 set (n = 5) and
6.35% in the T2 set (n = 2) are measured as reversing their
methylation status, leading to inaccurate results if using
the PDX as a proxy for the patient tumour.

Comparison of osteosarcoma PDXs across generations
Interestingly, although each set of PDXs displays this shift
with xenografting, a constant profile is then maintained
within a xenograft lineage: T1X2A, T1X2B and their sec-
ond generation tumours all displayed consistent levels
across features (Figure 2), as did T2X1 and T2X1X1, dem-
onstrating that although the change in host is linked to a
slight increase in methylation levels, subsequent xeno-
grafting is not accompanied by additional changes. This is
confirmed by the vastly reduced number of reversed
methylation events observed between first and second
generation PDXs as opposed to those identified within the
first generation; Figure 3 reveals that an average of only
0.07% (n = 3) of CpG sites see their methylation scores in-
crease or decrease by over 0.51 after the first generation.
This result suggests either an initial reaction to the new
host that is then preserved in further generations as the
mice used were isogenic, or a loss of tumour heterogeneity
as only a fragment of the initial patient sample was used
for xenografting, or a combination of these two factors.



a

b

Figure 3 Assessment of methylation changes in OS PDXs. (a) For each PDX, the absolute difference (βPatient - βXenograft) is calculated at each
probe and binned into 1% methylation difference increments (described by the colour scale); the percentage of probes showing each methylation
difference level is shown in the individual plots. (b) Number and percentage of probes in each comparison changing by 0.51 or more, corresponding
to all probes going from fully unmethylated to fully methylated and vice versa.
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The fact that loss of heterogeneity would be expected to
persist in further generations as only a fragment of the
grown tumour is transplanted at each passage, and that
signal from new host stromal cells and vascularisation
affect gene expression in specific pathways (such as extra-
cellular matrix formation) [10] suggests that the observed
epigenetic change is due primarily to implantation of the
tumour into a new host.

Validation with MeDIP-seq
In addition to the methylation arrays, the OS PDXs and
patient samples were analysed by methylated DNA immu-
noprecipitation followed by low-coverage next-generation
sequencing (MeDIP-seq) [21]. Alignment, filtering of reads,
and calling of differentially methylated regions (DMRs)
were performed using the MeDUSA pipeline [17]. In
order to minimise read contamination by mouse DNA,
the fastq files were aligned separately to the human and
mouse genomes and those reads aligning only to mouse
were removed from downstream analysis. With our data
this approach yielded a nearly identical final read set as
using the Xenome [18] protocol, designed specifically for
xenograft sequencing data, with over 98% overlap in each
sample. Final read counts aligning to human, mouse or
both are shown in Additional file 1.
The MeDIP-seq DMRs identified across all seven pa-

tient tumour/xenograft comparisons overlapped with 48
probes present on the 450 K array; importantly, the direc-
tionality of methylation change between patient tumour
and xenograft was 100% concordant between the two
methods, with the same 22 gains and 26 losses of methyla-
tion identified in the PDXs.
Similarly, in an inter-tumour comparison, when asses-

sing the ability of a PDX to substitute for its matched
patient tumour in an inter-tumour comparison (that is,
T1P versus T2P), 450K and MeDIP-seq both identified
similar trends (Figure 4): for each technology, the differ-
ences between the patient tumours T1P and T2P were
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Figure 4 PDXs as substitutes for patient tumours: 450 K versus MeDIP-seq. (a) The absolute difference in β-value between the two OS
patient tumours is calculated at each probe. The absolute difference between each PDX and the patient tumour from the other tumour set is
then assessed, and a ΔΔβ for those two differences is calculated and plotted as in Figure 3. A result close to zero indicates concordance between
the two measurements at a given CpG site. (b) Similarly to the process described above with the 450 K array, the number of DMRs between the
two patient tumours that can be recapitulated between a PDX and the patient tumour are shown, for both hyper- and hypo-DMRs.
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assessed to act as a reference set; each PDX was then
compared with the unmatched patient to see if the same
differential methylation was captured. MeDIP-seq showed
similar levels of concordance in the comparisons as the
methylation array, with the exception of two of the hypo-
methylation sets (T1PvT2X1 and T1PvT2X1X1) that dis-
played lower levels of concordance (22.4% and 17.6%,
respectively) in the MeDIP-seq data (Figure 4b). These,
however, represent only small absolute differences in con-
cordance (66 and 70 DMRs of the T1P versus T2P com-
parison were not identified in T1P versus T2X1 and T1P
versus T2X1X1, respectively) due to the overall low num-
ber of hypomethylated DMRs detected between the two
patient tumours (n = 85) compared with hypermethylated
(n = 1,980).

Methylome changes in colon cancer and osteosarcoma
PDXs
In order to further investigate those few CpG sites with
changing methylation levels after xenografting, an add-
itional set of six patient tumour/xenograft CC pairs from
the OncoTrack consortium were assessed using Illumina
450K arrays and processed with the R package ChAMP.
Grouping these with the first generation PDXs derived
from OS tumours yields a final cohort of 10 sample pairs
(Figure 5). Using the same Δβ threshold of 0.51 as for the
OS samples, a similarly low number of probes were identi-
fied as changing with xenografting in the first generation,
with an average of 3.18% (n = 6). Of note, when using
lower Δβ thresholds, the average percentage of probes
changing with xenografting increases to a maximum of
18% (Figure 5c).
To assess whether changes in methylation could be gen-

eralised to any tumour undergoing this procedure or
whether they are tumour or tumour type-specific, the
overlap in these changing probes within as well as be-
tween tumour types was evaluated. Statistically significant
overlaps were found within each tumour type, with 236
probes changing in all first generation OS PDXs and five
probes in CC PDXs (random resampling P-value <10-4);
however, gene ontology tools (GREAT [22], Panther [23],
DAVID [24]) did not reveal any particular functional links



a

b

c

Figure 5 Assessment of methylation changes in OS and CC PDXs. (a) For each PDX, at each probe, the absolute difference (βPatient - βXeno-
graft) is calculated and binned into 1% methylation difference increments (described by the colour scale); the percentage of probes showing each
methylation difference level is shown in the individual plots. (b) Number and percentage of probes in each comparison changing by 0.51 or
more, corresponding to all probes going from fully unmethylated to fully methylated and vice versa. (c) The mean percentage of changing
probes across all samples at thresholds of 0.51, 0.41, 0.31, and 0.21. Error bars correspond to the standard error of the mean.
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between these changing sites and no overlap was found
between the two tumour types. This suggests that the
changes in methylation observed with xenografting are
unlikely to be due to a systematic reaction to the xeno-
grafting procedure but rather point to tumour specificity.
Finally, we assessed whether these methylation changes

were more likely to occur in certain genomic and/or
epigenomic features. As shown in Figure 6, these probes
are depleted for promoter regions and CpG islands, but
enriched for intergenic regions, particularly those with
low CpG density (P-value <10-4).
In the OS cohort, one of the patient tumours produced

three first-generation PDXs, grown in two animals. Two
of the PDXs (T1X2A and T1X2B) were harvested from
the same mouse, one from each of the flanks. Despite the
limited sample size, this set-up provides novel and import-
ant insights into the potential tumour specificity of the
observed changes in methylation. The results displayed
in Figure 7 reveal that over 86% of probes changing in
T1X2B also underwent major changes in T1X2A, and
over 64% of changes were common between all three
PDXs originating from T1P. These overlaps, much higher
than those observed within or across tumour types, fur-
ther confirm tumour specificity of the observed methyla-
tion changes that accompany xenografting.

Practical implications for the use of PDXs in epigenetic
studies
With a mean percentage of 2.7% (n = 11,110) of CpG
sites undergoing major methylation shifts in first gener-
ation xenografts, PDXs appear to be more than adequate
proxies for patient samples in methylation studies, as
compared, for example, with the 0.27 to 0.72 correlation
reported between whole blood and Epstein-Barr virus-
transformed lymphocyte cell lines [25]. These are com-
monly used proxies in genetic studies, and have been
previously used in associating methylation patterns with
phenotypes [26]. However, the tumour-specific nature of
these methylation changes implies that no accurate pre-
diction as to which 2.7% of the measured methylation
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Figure 6 Enrichment of (epi)genomic regions with changing methylation status after xenografting. Each probe on the 450 K array is annotated
to a genomic (TSS1500, Body, 3′ UTR…) and epigenomic (island, shore, shelf, none) region. These were combined for each probe to form a unique
(epi)genomic annotation and enrichments were calculated using a random resampling strategy. IGR, intergenic region; TSS, transcription start site.
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scores will be affected can reasonably be made beyond a
general statement concerning enrichment in intergenic
regions. In order to aid in the design of future studies,
we devised a model to test how many 450K arrays
should be run when comparing two groups of samples
in order to minimise the effects of these tumour-specific
xenografting-linked methylation changes. From a total of
2,000 data sets from Marmal-aid [27], a 450K data re-
pository, we selected n (5 ≤ n ≤ 50) samples. These were
taken at random from the tissue and disease types avail-
able to avoid any bias that might be introduced due to
higher levels of similarity between the methylomes of sam-
ples from a particular tissue type compared with another.
Figure 7 Overlap of changing CpG sites between PDXs originating fro
T1P in two flanks of the same mouse. T1X1 was grown from T1P in a differ
number of changing sites in T1X2B, the PDX with the fewest changes. Ove
T1X2A, and over 64% of changes were common between all three PDXs o
This ensures the resulting model can be used regardless of
tissue origin. A total of 11,110 β-values in each sample
were then increased or decreased by 0.51 (5,555 of each).
We subsequently compared the original n samples from
Marmal-aid with their modified counterparts and assessed
the number of sites that appeared to be significantly
differentially methylated between the groups (Figure 8),
as determined by a Wilcoxon rank-sum test with a non-
adjusted P-value threshold of 0.05. The non-adjustment for
multiple testing allows flexibility in future study design, such
as investigations using only a subset of the array.
This analysis revealed that the maximum number of

probes significantly differentially methylated between the
m the same patient tumour. T1X2A and T1X2B were grown from
ent animal. Overlap percentages were calculated based on the
r 86% of probes changing in T1X2B also underwent major changes in
riginating from T1P.
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groups was eight, and if using 15 samples in each group,
the xenografting-associated methylation changes will
only significantly affect the differences between groups
at two loci on average. This further demonstrates the
suitability of tumour xenografts for methylome analysis.
It is noteworthy that although using more than 15 sam-
ples in each cohort will continue to reduce the effect of
xenografting-associated methylation changes on group
methylation characteristics, the benefits in terms of af-
fected probes will be substantially less than with the first
15 samples, as shown in Figure 8.

Conclusions
This work advances our understanding of the epigenetic
dynamics involved in PDX and provides guidance on the
utility and interpretation of PDX-derived DNA methyla-
tion data. Our results from both rare (OS) and common
(CC) cancer types show that less than 3% of the 450 K
methylome undergoes major changes with xenografting.
Moreover, these changes appear to be cancer-specific
and little to no further methylation changes are observed
in secondary xenografts. Finally, we propose a model to
aid the design of future studies and minimise the impact
of xenografting-associated confounding of DNA methy-
lation in the interpretation of PDX-based studies.
Additional file

Additional file 1: Table S1. Final MeDIP-seq read counts for osteosarcoma
samples. The fastq files were aligned to both human (hg19) and mouse
(mm10) genomes. Only reads that aligned to either human-only or both
human and mouse were retained for downstream analysis.
Abbreviations
CC: colon cancer; DMR: differentially methylated region; OS: osteosarcoma;
PDX: patient-derived tumour xenograft; SCID: severe combined
immunodeficiency; UTR: untranslated region.
Competing interests
MS is an employee of Alacris Theranostics GmbH, a company that develops
and markets systems medicine approaches for personalised medicine. MTR is
an employee of Illumina Inc., a public company that develops and markets
systems for genetic analysis. All other authors declare no competing financial
interests. All authors declare no competing non-financial interests.
Authors’ contributions
AMF provided the osteosarcoma and JH and UK the colon cancer tumour
samples. JH provided the colon cancer patient-derived xenografts and MS
the corresponding DNA samples. PG performed the experiments and analyses.
LMB and NP provided assistance and advice on the experimental work,
while GAW, AF and DSP provided help and advice on the bioinformatics
and statistical analyses. AMF, MTR and SB supervised the project. PG and
SB wrote the manuscript with contributions from all co-authors. All
authors read and approved the final manuscript.

http://genomemedicine.com/content/supplementary/s13073-014-0116-0-s1.doc


Guilhamon et al. Genome Medicine 2014, 6:116 Page 10 of 10
http://genomemedicine.com/content/6/12/116
Acknowledgements
PG was supported by a PhD CASE Studentship from the UK Medical
Research Council (G1000411). We would like to thank Kerra Pearce and Mark
Kristiansen from UCL Genomics, and Zoya Kingsbury, Helen Northen, and
Luke Hay from Illumina for their assistance and support. We would also like
to thank the Oncotrack consortium for providing raw data from the six colon
cancer patient tumours and DNA for the corresponding xenografts. Research
in the Flanagan lab was supported by Skeletal Cancer Action Trust (Scat) and
the Bone Cancer Research Trust; research in the Beck lab was supported by
the Wellcome Trust (99148), Royal Society Wolfson Research Merit Award
(WM100023), EU-FP7 projects EPIGENESYS (257082) and BLUEPRINT (282510)
and IMI-JU project OncoTrack (115234). Adrienne M Flanagan and Stephan
Beck were also supported by NIHR UCLH Biomedical Research Centre and
the UCL Experimental Cancer Centre.

Author details
1Medical Genomics, UCL Cancer Institute, University College London, London
WC1E 6DD, UK. 2Genetics and Cell Biology of Sarcoma, UCL Cancer Institute,
University College London, London WC1E 6DD, UK. 3Department of
Biomedical Sciences, University of Westminster, London W1W 6UW, UK.
4Translational Cancer Therapeutics Laboratory, CR-UK London Research
Institute, London WC2A 3LY, UK. 5Alacris Theranostics GmbH, 14195 Berlin,
Germany. 6Institute of Pathology, Medical University of Graz, 8036 Graz,
Austria. 7Department of Hematology and Medical Oncology, Charité
Comprehensive Cancer Center, D-10117 Berlin, Germany. 8EPO-Berlin-Buch
GmbH, 13125 Berlin, Germany. 9Illumina Cambridge Ltd, Chesterford
Research Park, Little Chesterford CB10 1XL, UK. 10Department of
Histopathology, Royal National Orthopaedic Hospital NHS Trust, Stanmore,
Middlesex, London HA7 4LP, UK.

Received: 16 July 2014 Accepted: 25 November 2014

References
1. Rygaard J, Povlsen CO: Heterotransplantation of a human malignant

tumour to 'Nude' mice. Acta Pathol Microbiol Scand 1969, 77:758–760.
2. Sausville EA, Burger AM: Contributions of human tumor xenografts to

anticancer drug development. Cancer Res 2006, 66:3351–3354. discussion
3354.

3. Fiebig HH, Maier A, Burger AM: Clonogenic assay with established human
tumour xenografts: correlation of in vitro to in vivo activity as a basis for
anticancer drug discovery. Eur J Cancer 2004, 40:802–820.

4. Jin K, Teng L, Shen Y, He K, Xu Z, Li G: Patient-derived human tumour
tissue xenografts in immunodeficient mice: a systematic review. Clin
Transl Oncol 2010, 12:473–480.

5. McNally RJ, Blakey K, Parslow RC, James PW, Pozo BG, Stiller C, Vincent TJ,
Norman P, McKinney PA, Murphy MF, Craft AW, Feltbower RG: Small-area
analyses of bone cancer diagnosed in Great Britain provide clues to
aetiology. BMC Cancer 2012, 12:270.

6. Tentler JJ, Tan AC, Weekes CD, Jimeno A, Leong S, Pitts TM, Arcaroli JJ,
Messersmith WA, Eckhardt SG: Patient-derived tumour xenografts as
models for oncology drug development. Nat Rev Clin Oncol 2012,
9:338–350.

7. Janeway KA, Walkley CR: Modeling human osteosarcoma in the mouse:
From bedside to bench. Bone 2010, 47:859–865.

8. Siolas D, Hannon GJ: Patient-derived tumor xenografts: transforming
clinical samples into mouse models. Cancer Res 2013, 73:5315–5319.

9. Henderson D, Ogilvie LA, Hoyle N, Keilholz U, Lange B, Lehrach H,
OncoTrack Consortium: OncoTrack: Personalized medicine approaches for
colon cancer driven by genomics and systems biology. Biotechnol J 2014,
9(9):1104–1114. doi: 10.1002/biot.201400109.

10. Martinez-Garcia R, Juan D, Rausell A, Munoz M, Banos N, Menendez C,
Lopez-Casas PP, Rico D, Valencia A, Hidalgo M: Transcriptional dissection
of pancreatic tumors engrafted in mice. Genome Med 2014, 6:27.

11. Reyal F, Guyader C, Decraene C, Lucchesi C, Auger N, Assayag F, De Plater L,
Gentien D, Poupon MF, Cottu P, De Cremoux P, Gestraud P, Vincent-Salomon A,
Fontaine JJ, Roman-Roman S, Delattre O, Decaudin D, Marangoni E:
Molecular profiling of patient-derived breast cancer xenografts.
Breast Cancer 2012, 14:R11.

12. Li S, Shen D, Shao J, Crowder R, Liu W, Prat A, He X, Liu S, Hoog J, Lu C,
Ding L, Griffith OL, Miller C, Larson D, Fulton RS, Harrison M, Mooney T,
McMichael JF, Luo J, Tao Y, Goncalves R, Schlosberg C, Hiken JF, Saied L,
Sanchez C, Giuntoli T, Bumb C, Cooper C, Kitchens RT, Lin A, et al:
Endocrine-therapy-resistant ESR1 variants revealed by genomic
characterization of breast-cancer-derived xenografts. Cell Rep 2013,
4:1116–1130.

13. Hennessey PT, Ochs MF, Mydlarz WW, Hsueh W, Cope L, Yu W, Califano JA:
Promoter methylation in head and neck squamous cell carcinoma cell
lines is significantly different than methylation in primary tumors and
xenografts. PLoS One 2011, 6:e20584.

14. Taiwo O, Wilson GA, Morris T, Seisenberger S, Reik W, Pearce D, Beck S,
Butcher LM: Methylome analysis using MeDIP-seq with low DNA
concentrations. Nat Protoc 2012, 7:617–636.

15. Teschendorff AE, Marabita F, Lechner M, Bartlett T, Tegner J, Gomez-Cabrero D,
Beck S: A beta-mixture quantile normalization method for correcting probe
design bias in Illumina Infinium 450 k DNA methylation data. Bioinformatics
2013, 29:189–196.

16. Morris TJ, Butcher LM, Feber A, Teschendorff AE, Chakravarthy AR, Wojdacz TK,
Beck S: ChAMP: 450 k Chip Analysis Methylation Pipeline. Bioinformatics
2014, 30:428–430.

17. Wilson GA, Dhami P, Feber A, Cortázar D, Suzuki Y, Schulz R, Schär P, Beck S:
Resources for methylome analysis suitable for gene knockout studies of
potential epigenome modifiers. GigaScience 2012, 1:3.

18. Conway T, Wazny J, Bromage A, Tymms M, Sooraj D, Williams ED,
Beresford-Smith B: Xenome–a tool for classifying reads from xenograft
samples. Bioinformatics 2012, 28:i172–i178.

19. Bibikova M, Barnes B, Tsan C, Ho V, Klotzle B, Le JM, Delano D, Zhang L,
Schroth GP, Gunderson KL, Fan JB, Shen R: High density DNA methylation
array with single CpG site resolution. Genomics 2011, 98:288–295.

20. Paul DS, Guilhamon P, Karpathakis A, Butcher LM, Thirlwell C, Feber A,
Beck S: Assessment of RainDrop BS-seq as a method for large-scale,
targeted bisulfite sequencing. Epigenetics 2014, 9:678–684.

21. Butcher LM, Beck S: AutoMeDIP-seq: A high-throughput, whole genome,
DNA methylation assay. Methods 2010, 52:223–231.

22. McLean CY, Bristor D, Hiller M, Clarke SL, Schaar BT, Lowe CB, Wenger AM,
Bejerano G: GREAT improves functional interpretation of cis-regulatory
regions. Nat Biotechnol 2010, 28:495–501.

23. Thomas PD, Kejariwal A, Campbell MJ, Mi H, Diemer K, Guo N, Ladunga I,
Ulitsky-Lazareva B, Muruganujan A, Rabkin S, Vandergriff JA, Doremieux O:
PANTHER: a browsable database of gene products organized by
biological function, using curated protein family and subfamily
classification. Nucleic Acids Res 2003, 31:334–341.

24. da Huang W, Sherman BT, Lempicki RA: Systematic and integrative
analysis of large gene lists using DAVID bioinformatics resources.
Nat Protoc 2009, 4:44–57.

25. Aberg K, Khachane AN, Rudolf G, Nerella S, Fugman DA, Tischfield JA,
van den Oord EJ: Methylome-wide comparison of human genomic DNA
extracted from whole blood and from EBV-transformed lymphocyte cell
lines. Eur J Hum Genet 2012, 20:953–955.

26. Van IMH, Caspers K, Bakermans-Kranenburg MJ, Beach SR, Philibert R:
Methylation matters: interaction between methylation density and
serotonin transporter genotype predicts unresolved loss or trauma.
Biol Psychiatry 2010, 68:405–407.

27. Lowe R, Rakyan VK: Marmal-aid–a database for Infinium
HumanMethylation450. BMC Bioinformatics 2013, 14:359.

doi:10.1186/s13073-014-0116-0
Cite this article as: Guilhamon et al.: Assessment of patient-derived
tumour xenografts (PDXs) as a discovery tool for cancer epigenomics.
Genome Medicine 2014 6:116.


	Abstract
	Background
	Methods
	Results
	Conclusions

	Background
	Methods
	Tumour samples and xenografting
	DNA methylation analysis
	Statistical analysis

	Results and discussion
	Comparison of osteosarcoma PDXs and patient tumours
	Comparison of osteosarcoma PDXs across generations
	Validation with MeDIP-seq
	Methylome changes in colon cancer and osteosarcoma PDXs
	Practical implications for the use of PDXs in epigenetic studies

	Conclusions
	Additional file
	Abbreviations
	Competing interests
	Authors’ contributions
	Acknowledgements
	Author details
	References

